OAK RIDGE NATIONAL LABORATORY POST OFFICE BOX 2008

MANAGED BY MARTIN MARIETTA ENERGY SYSTEMS, INC. OAK RIDGE, TENNESSEE 37831

FOR THE U.S. DEPARTMENT OF ENERGY

TECHNICAL DOCUMENTATION OF
THE TRANSITIONAL ALTERNATIVE
FUELSAND VEHICLES (TAFV) MODEL:

Model Version 1.0

July 17, 1997
Paul Leiby Jonathan Rubin
4500-N Bethel Valley Road University of Tennessee
Oak Ridge National Laboratory Department of Economics, and
Oak Ridge, TN 37831-6205 Energy, Environment Center
leibypn@ornl.gov Knoxville, TN 37996-0550

rubin@utk.edu

With Assistance by David Bowman, Department of Economics, University of Tennessee

“Thiswork is supported by the U.S. Department of Energy, Office of Energy Efficiency and Alternative Fuels and
Office of Transportation Technology. The project team includes Rich Bechtold (EA Engineering), David Greene
(Oak Ridge National Laboratory), Harry Vidas and K.G. Duleep (Energy and Environmental Analysis, Inc), Barry
McNutt, David Rodgers and Paul McArdle (U.S. DOE), and Margaret Singh (Argonne National Lab).



TABLE OF CONTENTS

LIST OF TABLES .. .o e e e e e e VI
LIST OF FIGURES . . . ..o e e e e VI
LIST OF ACRONYMSAND ABBREVIATIONS . ... ... e e IX
1.0 INTRODUCTION TOTHE TAFV MODEL ...... ... 1
1.1 Principal Objectivesof theModel . ... ... ... .. . i 2
1.2 FEaIUNES .. 2
1.3 SectorsRepresented . . ... . 3
1.5 Principal Variables .. ... 3
1.6 Cost Function Representationof Modules . ............ ... ... ... .. ... 3
1.7 Market Balancing Conditions . . ....... ...t 5
2.0 VEHICLE SERVICES DEMAND FOR NEW AND USED VEHICLES .............. 7
2.1 The Choice of Vehicle Mix to Satisfy VehicleDemand . ..................... 8
2.2.4 Effect of Motor Fuel Costs and Fuel Mix Choice on New V ehicle Choice
....................................................... 10
2.3 Effective Cost to Consumers of Limited Vehicle Model Diversity ............. 12
2.3.1 Theoretical Valuation of Vehicle Diversity: Random Model Introduction
CaSE . 13
2.3.2 Vehicle Model Popularity and the Order of Alternative Fuel Technology
INtroduction . . ... ... 14
2.3.3 Marginal and Unit Costs of Limited Diversity . .................... 16
2.3.4 Vehicle Model Diversity Data and Benchmarking Costs of Limited Model
DIVEISItY . oo 17
2.3.5 Data: Unit Costs of Limited Model Diversity per Vehicle - Numerical
EXamples . ... 19
2.4 Data Vehicleand Fuel Choice Parameters . ..., 20
3.0 VEHICLE STOCK, USE AND DATA . .o e 23
3.1 Vehicle Stock EQUALIONS . . . ... oo 23
3.2 VehiclesStock Data . ...... ..o 23
3.2.1 Declining VehicleUseWithAge . ........ ... . i, 25
3.2.2 Starting Initial Stocksof On-Road Vehicles ...................... 25
4.0 FLEET VEHICLES . . ... . e e e e 28
4.1 Feet VehicleDemand . .. ......... i e 28
4.2 Feet VehicleChoiCe . .. ... .ot e 34



5.0 VEHICLE PRODUCTION MODEL . ... ..o e 36

5.1 Vehicle Diversity Effectson ProductionCosts . . ... ... oot 38
5.2 Mathematical Representation of Vehicle Manufacturers Behavior . ............ 38
5.3 Benchmarking Diversity Production Costs . . .. ... ..o 42
5.3.1 Lagsand Lead-times for Vehicle Production Capital Investments ... ... 45
5.4 Dataon Vehicle Pricesand Characteristics . ..., 46
5.5 Used Vintaged Vehicle Vauationat Termina Time. ....................... 46
5.5 1MOLIVALION . . ..o 46
5.5.2 Implied Valuation of Vintaged Capital Stock in Discrete-time Finite-Horizon
Dynamic Model .. ... .. 47
5.5.3 Equilibrium Annual Net Use Valuefor Capital ... .................. 47
5.5.4 Exogenous Construction of Terminal Period Salvage Values for Used

Capital StOCK . .. .. 48
5.6 Data: Vehicle Production Costs Versus ProductionScale . .. ................. 49
6.0 FUEL RETAIL SECTORDETAIL ..o e 51
6.1 General Characteristicsof Retail Supply . .......... . i 51
6.1.1 Full or Partial Utilization of Retail Station Capacity ................ 52
6.2 Retall Fuel Demand . . ... .. e 54
6.3 Retail Constraint EQUaLIONS . .. .. ... . i 57
7.0 WHOLESALE FUEL PRODUCTION AND TRANSPORTATION ... .............. 59
7.1 Fuel Feedstock Supply for Natural Gas, Ethanol, and Gasoline . .............. 59
701 GasOline ..o 61
702 Natural Gas . ..ot 61
703 Ethanol . ... ... 61
7.2 Methanol . .. ..o 63
7.2.1 Implied Annual Capital Charge for Methanol Capital Stock .. ......... 64
7.3 Fud Transportation and Distribution Markup Costs ... ........ ... . ... .. 65
7.4 Conversion and Efficiency ASSumptions . .............. i 66
8.0 MODEL VARIABLES AND SOLUTION METHODOLOGY IN DETAIL .......... 67
8.1 Summary of TAFV Model Notation ............ ... ... . .. 67
8.2 Modd Objective FUNCLION . . ... ... e 68
8.3 Single Period Net Benefit Function . ............ ... 68
8.3.1 End-User ConsumptionBenefits . . .. .......... ... .. . L 69
8.3.2 Raw MateridsSupply CoStS . . ... .o 70
8.3.3 ConversonVariableCosts . ... 70
8.3.4 Retall Mark-up CoStS . .. ... 70
8.3.5 TrangportatioN CoStS .. ... v v i e 70

8.3.6 Durable Vintaged Capital Stock (and Investment) Costs - Annual Capital
Charges ... 70
8.3.7 Durable Unvintaged Capital Investment Costs . .. .................. 71



8.3.8 VehicleProduction Plant COStS .. ... 71

8.3.9 Utilization and Sharing Costs (For Vehicle and Fuel Choice) .......... 71
8.3.10 Retail Fuel Availability Cost . ....... ...t 72
8.3.11 Limited Vehicle Model Diversity Costs . . ... .. .o 72
8.3.12 Taxesand Financia Incentive . ............ ... ... ... 73
8313 FnalValue . ... 73
8.3.14 Calculationof FutureUseValue ............. .. ... . ... 73
8.4 Moddl CoNStraiNtS . . . ..ot 74
8.4.1 Supply-Demand Balance Constraint ................ ..., 74
8.4.2 Aggregate Output from Switching Processes . .................... 74
8.4.3 Maximum Share on Conventional Vehicles . ...................... 74
8.4.4 Unvintaged Durable Stock Equation of Motion . . .................. 74
8.4.5 Output Capacity Constraint for Unvintaged Capital . ................ 74
8.4.6 Vintaged Stock Total Equation . . ............. ..., 75
8.4.7 Use of New Investment in Vintaged Stocks .. .................... 75
8.4.8 Output Capacity Constraint for Vintaged Capital . ................. 75
8.4.9 Stock Growth Limit EQuation . .. ..., 75
8.4.10 Vehicle Production Plant Size Minimum Equation. ... ............. 75
8.4.11 Vehicle Production Plant Downsizing Limit . .................... 76
8.4.12 Motor Fuel Retall Constraint . ............ .. ... 76
8.4.13 Total Retail Capacity . ........ ... .o 76
8.4.14 Retail Fuel Availability ............ .. .. . . 76
8.4.15 Retail Fuel Path Smoothing Equations ......................... 76
8.5.16 Concise Statement of TAFV Model Equations . . .................. 77
REFERENCES . .. .. e e e e e e 79
APPENDIX 1: SYMBOLSAND NAMESINGAMSCODE ...........coiiiiiann... 82
APPENDIX 2: TREATMENT OF VINTAGED CAPITAL STOCK . ...... ... 84
A2.1 Vehicle Stock Shadow Valueand Fina Vaue. . ......................... 84
A2.1.1 Problem Statement and First Order Conditions . .. ................ 84
A2.2.2 Vintaged Stock Shadow Vauein Termina Year .................. 88

A2.3 Theoretical Valuation of Used Capital Equipment - An Approach for Scrappage
VAU . 89
A2.3.1 Vauationof New Vehicles. ............ ... ... ... 90
A2.3.2 Vauationof Used Vehicles ......... ... ... ... 90
A2.4 Used Vehicle Vauation for Particular Scrappage Profiles .. ................ 94
A2.4.1 Infinite-lived, Constant Depreciation RateCase .................. 94
A2.4.2 Finite-lifetime, Zero Depreciation Until Final AgeCase ............ 95

A2.4.3 Properties of this Result for Finite Lifetime No Depreciation Case . ... 95
A2.4.2 Valuation of Used Vintaged Capital Based on Theoretical Equilibrium Use-
Valug, General Case . ..o oo ittt 97



A2.5 Steady-State Method of Dealing with Boundary Condition in Ramsey Model . .. 99

APPENDIX 3: REDUCING THE NUMBER OF MODEL EQUATIONS .............. 101
A3.1 Explicit Tracking of Vintagesby Variables . .. ........ ... ... ... ... ... 101
A3.2 Alternative Methodology . ....... ... 102



LIST OF TABLES

Table 1: Factors Influencing VehicleChoice . ........ ... . . 11
Table 2: 1994 Conventional Gasoline Vehicle Model Diversity, by SzeClass ............. 18
Table 3: Estimate of Cumulative Popularity Share Parameter o ... ............ ... ...... 19
Table 5: Vehicle and Fuel-Specific Attribute Valuesin TAFV .. ... ... oot 21
Table 6: Equal Fuel and Vehicle Price Market ChoiceShares . .. ....................... 22
Table 7: Annual Miles Driven by Ageand Vehicle Type. . .. ... oot 25
Table 8: EPACT Fleet AFV Purchase Requirements . ... ... 29
Table 9: Estimated EPACT Feet Vehicle Purchases: No PrivateFleet Rule . ... ........... 30
Table 10: Estimated EPACT Fleet Vehicle Purchases: Late PrivateRule. . ............... 32
Table 11: Total Federal, State and Local Government Fleet Alternative Fuel Vehicle Stocks . . 34
Table 12: Conventional Vehicle Manufacturers’ Suggested Retail Price and Sales.Data 46
Table 13: Cost Data for Vehicle Production and Fuel Retalling. . . .................. 50
Table 14: Current Capital and Markup Costs for FueliRga. . . ..................... 51
Table 15: 2010 Capital and Markup Costs for FueliRega. . . . ...................... 52
Table 16: Fuel Supply Parametersfor TAEM . . ... ... o i i 60
Table 17: Wholesale Methanol Production Cost Parameters . ............. ... ... .....

Table 18

: Transportation, and Distribution Costs . . ....... ... .. i

VI



LIST OF FIGURES

Figure 1: Diagram of TAFV Model . ... ... 3
Figure2: Domestic VehicleSalesby Model . ....... ... ... 14
Figure4: Vehicle Scrappage Rateby AQe . ... ..ot 24
Figure 5: Initial Vehicle Distributionby Age . ... ... 27
Figure 6: General Shape of Incremental Retail Capital Costs . .......... .. ... ... 36
Figure 7: Benchmarking Vehicle Diversity Fixed Costs . ........... it 42
Figure 8: Vehicle Survival Rates, Declining Use Rates, and Used VehicleValue ........... 49
Figure 9: Costs of Limited Retail Fuel Availability . .......... ... ... ... ... ... ..... 56

VII



LIST OF ACRONYMSAND ABBREVIATIONS

AF Alternative Fuel

AFTM Alternative Fuels Trade Model

ARV Alternative Fuel Vehicle

BBL Barrel, 42 U.S. galons

BGE Barrel Gasoline Equivalents

BGSE Barrel-Gasoline Service-Equivalent
BTU British Thermal Unit

CNG Compressed Natural Gas

E85 A blended mixture of 85% ethanol and 15% gasoline
EIA Energy Information Administration
EPACT Energy Policy Act of 1992

FFV Flexible Fuel Vehicle

FOE Fuel Oil Equivalent

GAMS General Algebraic Modeling System
GGE Gasoline Gallon Equivaents

IRPE Incremental Retail Price Equivalent
LPG Liquefied Petroleum Gases

M85 A blended mixture of 85% methanol and 15% gasoline
MMBTU Million British Thermal Units

MNL Multinomal Logit

NPV Net Present Value

MPG Miles Per Gallon

MTPD Metric Tons Per Day

NMNL Nested Multinomal Logit

TARV Trangitiona Alternative Fuels Vehicle

USDOE U.S. Department of Energy

VIl



1.0 INTRODUCTION TO THE TAFV MODEL

The Transitional Alternative Fuels Vehicle (TAFV) simulates the use and cost of aternative fuels

and alternative fuel vehicles (AFVs) over the time frame of 1996 to 2010. As the model's name
suggests, the TAFV model is designed to examindrtmsitional period of alternative fuel and
vehicle use. That is, the model is a first attempt to characterize how the United States’ use of
AFVs might change from one based on new technologies available at a higher-cost and low-
volume, to a world with more mature technologies offered at lower cost and wider scale. It also
seeks to explore what would be necessary for this transition to happen, and what it would cost.

Previous studies of alternative fuels and vehicles differ in their estimates of the penetration rates
and costs of AFVs. The Alternative Fuels Trade Model (AFTM, USDOE 1995, Leiby 1993) for
example, found that there could be substantial penetration of alternative fuels and vehicles in
2010. Many of these studies dimsited in that they examine AFVs in a single year. They present
a ‘snapshot’ of AFV use given assumptions about technological maturity and price. The AFTM,
notably, assumed mature vehicle technologies produced at large scale and a well a developed
alternative fuel retail sector. Other studies, which examine AFVs in a multi-year, dynamic setting
(e.g., Rubin 1994 and Fulton 1994) take technologies and prices as exogenously given. That is,
they do not examine the important linkages between investments in alternative fuel and vehicle
production plants, investment in vehicle stocks, investment in alternative fuel retailing
infrastructure, and the prices and availability of fuels and vehicles.

This work follows up on the long-run equilibrium analysis done with the AFTM. The AFTM was
developed to evaluate the long-run (2010) substitution of alternative fuels for gasoline, for a study
pursuant to the Energy Policy Act of 1992 (Section 502b). The AFTM tracks supply, trade, and
demand for multiple liquid and gaseous fuels in the interrelated energy markets of six world
regions. It is a partial equilibrium model, used for long-run comparative static analyses. These
analyses suggested that the prospective long-run substitution of alternative fuels for gasoline
could be substantial, assuming that vehicles and fuels are widely available to consumers, and that
the needed investments are made over time for the fuel and vehicle supply industries to gain cost
savings from large scale production.

By making the scale of alternative vehicle and fuel production and the retail availability of
alternative fuels endogenous, the TAFV model fills a gap in alternative fuel analysis. In contrast
to the AFTM, the TAFV model specifically characterizes the time path of investment and
adjustment, in order to consider whether some of these transitional issues may be important. The
results from the TAFV model do, necessarily, reflect its many primary assumptions. Included are
assumptions about the unit prices for vehicle and fuel production capital, the costs of raw
materials, and input-output relationships which describe the productivity of a unit of capital in its
respective employment.

This document summarizes the structure of the TAFV model, reviews the theory behind its
equations, and documents many of its numerical inputs.



1.1 Principal Objectivesof the M odel

The principal objective of the TAFV Modé isto provide aflexible, dynamic-simulation modeling
tool that can be used for policy analysis. One use of the TAFV model is to assess possible ways
in which early AFV mandates or incentives may influence the AFV transition. As alternative
vehicle and fuel producers gain cumulative experience, some cost reductions through learning and
economies of scale are expected. If vehicle manufacturers are encouraged to design and
introduce new models with AF capability, the number of vehicle makes and models offering AF
capability rises, and consumers value this greater choice. Incentives or programs leading to the
earlier development of fuel distribution infrastructure can increase fuel availability. This can
greatly lower the inconvenience cost associated with refueling, lowering the effective cost of
aternative fuels. Promoting the introduction of AFV's may allow consumersto gain familiarity,
reducing their uncertainty about fuel/vehicle performance and reliability. Programs calling for the
purchase of AFVs by fleets lead eventually to the sale of used fleet vehicles to private consumers,
making AFV's available to used-vehicle buyers, increasing consumer familiarity with AFVsand
aternative fuels, and possibly leading to expanded private demand for aternative fuels and AFVs.
Each of these possible linkages may work slowly, as investments are made and vehicle and capital
stocks adjust.

1.2 Features
The TAFV Mode is adaptable to many different policy scenarios. As currently configured, it:

Solves yearly, 1996 - 2010;

I's parameterized for the US urban and non-urban regions;

Tracks the on-road vehicle stock by vehicle technology, fuel type and vintage,

Tracks sales of new vehicles in each year by vehicle technology and fuel;

Tracks installed capacity of methanol production;

Tracksinstalled retail fuel capacity by fuel type;

Tracks capacity utilization for vehicle production, fuel production, and fuel retailing;
Accounts for the impacts of fleet mandates on manufacturer, consumer, and fuel retail
behavior; and

u Estimates the costs and benefits of various policy scenarios.



1.3 Sectors Represented

The TAFV Model characterizes, in varying degrees of detail, interactions among the following
major components or modules:

Consumer and fleet vehicle demand and vehicle choice,
Consumer and fleet fuel choice and use,

Retail fuel supply and availability,

Vehicle production,

Motor fuel production,

Raw material (retall fuel feedstock) supply.

These major interaction of these modules are depicted in 2.

1.4 Demand for Vehicle Transportation Services Drives M odel

Consumer benefits are derived from the final demand for passenger vehicle transportation
services. The final demand for transportation servicesis divided into three broad sectors: urban,
non-urban, and fleet. These broad aggregates are further broken down into separate market
segments. For each market segment, the model finds a point on the vehicle services demand
curves where the marginal benefits of consumption (willingness to pay or price) equal the
marginal costs of producing the needed composite mix of vehicles and fuels. 1n each period this
balance is found subject to the limits of current vehicle and fuel production capacities, and the
existing vehicle stocks. Investment in durable new vehicle and fuel production capacity and in
new vehicles, is made based on a balance of the marginal investment cost with the expected
lifetime value of the investment.

1.5 Principal Variables

In each period t and region r the principal decision variables are:

u demand quantities for commodities Oy
L] supply quantities for commodities (fuels, vehicles) Sif

u conversion process activity levels Qe
u investments in new process capacity e

L] levels of installed capital for conversion processes Kie
u fuel retail supply availability (share of stations) Oyi
L] vehicle supply diversity (makes & models) P

1.6 Cost Function Representation of M odules

This model take an economic approach, seeking to describe the results of many competitive
agents (firms and consumers) each pursuing their own economic interests in a competitive



Figure 1: Diagram of TAFV Mode
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market. Therefore, rather than applying explicit behavioral relations and rules (e.g., assuming a
particular rate or timing of vehicle introduction or fuel production and retailing), we seek to
characterize the economic costs, profits, and consumption benefits of each activity. In this
approach, each module mis represented in terms of its effective cost function C,;", defined for
each time period t, region r, and fuel f. Examples of component costs are: vehicle and fuel
production costs, fuel retailing costs, raw material supply costs, and sharing or mix costs
associated with vehicle and fuel choice. The cost functions summarize the way in which changing
levels of activities, inputs, and outputs affect the costs for each module, and implicitly define the
cost minimizing behaviora relations for those module variables. The model solution provides
market levels of activity and the implied prices for al goods.

In cases where the module involves investments with long-lived (multiperiod) cost and benefits,
the module cost function also includes the costs of current investments minus the (expected)
future value function F, , for all remaining fixed investments K., ;. Thus each module presents
itself to the integrating framework/equations in terms of the net cost of current activities and
investments:

6t+1

\Y K S A =
C,; = Cui(s,.d,a,.K) + [,-C - TFt+1(K(t+1)r’Str’dtr’atr’Po’Pl’""Pt—l) (1)
t
Here we are purposefully general about which supply, demand, conversion activity, or capital
stock variables may determine a module’'s contemporaneous variable cost function C,,” or future
value function F, ;. Some regulations, for example those requiring a specific fleet vehicle mix at
certain years in the future, may aso influence the future value function.

1.7 Market Balancing Conditions

For each period, the objective is to represent a short-run market balancing which results from
competitive behavior. This means that we wish to assure that the following short-run competitive
conditions are met, unless activities are constrained:?

I. the marginal (private) cost of producing each commodity equals its price;®

i, the marginal (private) benefit of each demand equalsits price;

ii. the marginal profitability of each intermediate conversion activity is zero (unless
constrained, in which case short-run profits can be positive or negative); and,

iv. the margina current period value of investment equals the price of capital minus

2Each of these conditions corresponds to afirst-order condition for single-period social surplus maximization used
to determine the market solution.

3In the cases where the sector investsin long-lived capital, the marginal cost includes the shadow cost of any
incremental capital required for production.



the discounted expected future value of the equipment from the next period.*

We require incremental investment to be positive. If new investment is zero, the profitability of
existing capital isinsufficient to motivate new investment, and the stated condition is not met.
Disinvestment may be desired, but is not allowed.

We find market clearing supplies, demands, trade, and conversion process levels s, d, x, and a.
That is, in maximizing consumption benefits minus production costs, the following balance
equation must be met. The market solution is calculated with GAMS (Brooke, Kendrick and
Meeraus 1992). This equation states that supplies, plus net output from conversion activities
plus net trades between regions must be greater or equal to demand.

Strf * XC: Afcatcr * XI: (thri _thri) 2 dtrf v f’r’t (2)
where:
r,i index regions,
f indexes commodities (fuels, vehicles),
Cc indexes conversion processes,
t indexes time,
dys Sis demand and supply quantities,
Qe activity level for conversion process c,
A, coefficient indicating commodity f output (input) per unit process c
activity, and,
Xetor shipment of commodity f fromregionp tor.

Final demands and basic commodity supplies are "price responsive” in that their quantities will
depend on market prices in each period:

Strf = Sirf(l:)trf)’ dtrf = Dtrf(Ptrf) : (3)

Fuel blending and conversion, fuel distribution and retail markup, and the combination of fuels
with vehicles to provide vehicle services are represented with linear conversion processes. For
conversion processes requiring durable capital equipment (such as methanol fuel production or
vehicle production), the amount of installed capital imposes a constraint on the maximum activity
level for the associated conversion process. |n addition, there is a capital stock evolution
constraint that links depreciated capital and investment in each period to the next period starting
capital stock.

“We regquire incremental investment to be positive. 1f new investment is zero, the profitability of existing capital is
insufficient to motivate new investment, and the stated condition is not met. Disinvestment may be desired, but is
not allowed.



2.0 VEHICLE SERVICESDEMAND FOR NEW AND
USED VEHICLES

Benefits in this model come from the satisfaction of final demand for transportation services.
Total demand for transportation services is specified with a composite demand curve in each
region/market. Composite transportation services is measured in Barrels of Gasoline Service
Equivalents (BGSE), and the level of composite demand is benchmarked to the EIA projections
of motor fuel demand. In each period this composite demand may be satisfied by the use of
existing (used) vehicles and the purchase and use of new vehicles. The use of older vehiclesis
limited by the stock of each type. The capital cost of used vehiclesis treated as sunk, and the
allowable use of each vehicle is fixed by age.

A mix of new vehiclesis purchased to the extent that existing vehicle stocks are insufficient. New
vehicles are chosen according to the Nested Multinomal Logit (NMNL) choice formulation
(Greene, 1995; Leiby and Greene, 1995) based on vehicle capital costs, non-price attributes,
vehicle model diversity, and expected lifetime nested fuel choice costs. In thisway, long-lived
investment consequences are reflected in vehicle choice. Note that under myopic expectations,
lifetime fuel costs follow from current fuel costs. Fuel choices must be made for the vehicles
which are dual or multi-fueled.

The level of use of each vehicle type (in miles traveled) is assumed fixed, but declines with vehicle
age. Sincethe capital costs of existing vehicles is sunk, there is a strong expectation that
transportation demand will be satisfied by existing vehicles before new (or used fleet) vehicles are
purchased. The existing vehicle stock provides an upper limit on the amount of vehicle services
that existing vehicles may provide. Older, existing vehicles may be underutilized if they are so
unappesaling that the purchase of anew vehicle is alower cost aternative.

As demand shifts out over time and older vehicles are scrapped, the household sector must
acquire more vehicles. There are two possible approaches to modeling incremental vehicle
choice:

(i) Choices of the incremental vehicle mix are independent of the mix in existing stock.
They depend on current new vehicle attributes and current consumer preferences, and the
consumers purchasing new vehicles are assumed to be a random sample of all consumers.

(i) Choices of incremental vehicle mix are determined by applying the vehicle choice
function to the entire fleet, with the mix of existing vehicles influencing the choice of new
vehicles. The entire fleet of old and new vehicles used to satisfy aggregate transportation
services demand is evaluated based on current consumer preferences. This approach is
closer to assuming that consumers purchasing new vehicles are those who owned the
retired vehicles, since there is more tendency for new vehicle purchases to be similar to the
retired vehicles.



The model adoptsthe first approach. This means that the multinomial choice framework
determines the shares of AFV's among the new vehicles purchased. If the vehicle prices, fuel
prices, and non-price attributes were to remain constant, over many years of new vehicle
purchasing and used vehicle scrappage, the AFV shares in the entire vehicle stock would tend
toward the shares in new vehicle purchases. Of course, vehicle and fuel prices are expected to
vary, as are some endogenous non-price attributes, such as retail fuel availability and AFV model
diversity. So the market may continue in transition so long as the new vehicle fuel technology mix
differs from the mix in the existing vehicle stock.

2.1 The Choiceof Vehicle Mix to Satisfy Vehicle Demand

Some demands may be satisfied by a mix of alternatives, where the mix is sensitive to relative
prices and non-price attributes. Inthe TAFV model, examples are the demands for new vehicles,
and for fuels by multi-fuel vehicles. Those demands may be represented by a composite good,
Chrg» With the requirements:

a. That the level of “production” of the composite gogdgquals the sum of the levels for
its alternative inputs, which are designated by thé& set

b. That the shares of alternative inplutsr composite good v conform to the expected
sensitivity to relative pric®; and non-price attributes .

Note that price and non-price attributes may vary by time and region (as could the attribute
sensitivity parametd). Consumers' demand for vehicles is driven by a price-responsive demand
curve for vehicle services, which will be satisfied by an endogenously determined mix and quantity
of vehicles and fuels.

Some attributes of flexible choice for new vehicles in particular may depend on both historical
experience and future expectations. For composite vehicle services demandydbitypthe
choice among input alternativéswill depend upon their (conditional expected indirect) utility,
Vig» Which is a linear function of new vehicle prieg and non-price attributes:

Vgt = Bg(Ptrf+afR+af\N+afD+ECgf) (4)
g
The attributes include, for example:
By cost sensitivity parameter for choice over vehicle types
P,  vehicle price for fuel technolody at timet in regionr;
ar  Vehicle range (distance between refuelings) equivalent cost;
any  Vvehicle weight/performance equivalent cost;
U relative diversity of vehicle models, equivalent cost;
By fuel price sensitivity for vehiclé
Cy expected effective fuel cost over vehicles lifetime, given current and expected
future prices for the fuels vehidlenay use, and accounting for expected fuel



availability.

Thus endogenous current conditions (prices and fuel market share) affect at least two choice
parameters, and expectations about future prices and fuel availability must also be considered.
It is useful to bear in mind the following points.

The resale value of a vehicle will depend not only on its age, but also on its current market
attractiveness, which depends in turn the price and availability of new substitutes, and on
expected future fuel prices. Hence the resale value of a vehicle is endogenous and path
dependent.®

Fuel availability is represented by the share of service stations offering the fuel, and isan
output of the retail sector module.

Vehicle prices are determined by vehicle production sector decisions, as well as expected
resale or scrappage values in cases where foresight of the decision-making time horizon is
limited.

2.2 Factors|Influencing Vehicle and Fuel Choice Shares

Vehicle and fuel choice behavior in the TAFV model depends upon the prices and the non-price
attributes of each aternative. Greene (1994) explicitly stipulates a set of key attributes,
quantifying their differences across vehicles and fuels, and establishing estimates of how
consumers may value them. It is aso necessary to estimate the sensitivity of consumer choicesto
differencesin prices or effective costs (denominated in dollars).

The treatment of vehicle and fuel choice in the TAFV model is based on Greene’s “Alternative
Vehicle and Fuel Choice Model,” (AFVC, Greene 1994). It is always problematic to estimate the
demand for novel vehicle or fuels, since there is little direct historical experience from which to

draw inferences. Due to the limitations and potential biases of stated preference surveys, Greene's
strategy was to "draw inferences, based on revealed preferences expressed in analogous but
different situations, about how consumers value the attributes of similar goods." (96érs

Examples of such analogous situations include choices among different fuel grades, choices
between gasoline and diesel engines, and choices among different conventional automobile types.

The resulting choice shares for given prices and attributes apply to new vehicle purchases. The
choice will also influence the long-run vehicle stock composition through the process of new
vehicle purchase and vehicle aging and retirement.

The price slope coefficients (which also apply to the effective cost of non-price attributes) are

®In the TAFV model approach this estimation of used car values is automatically handled through the calcul ation
of the shadow price of the used vehicle utilization constraint.

9



calculated from a stipulated elasticity of share with respect to price, specified at a given market
share and vehicle/fuel price.®

The choices among vehicle and fuels are established in a nested-multinomial logit (NMNL)
structure. The conditional choice of fuel within a subset of alternatives given a particular vehicle
typeis assumed to be of the Multinomial Logit (NML) form. The structure of this nesting
indicates naturally comparable choices. However, the principal reason for segregating vehicle
service cost components into fuel and vehicle-specific categories isto alow the use of different
cost sensitivity coefficients. Deeper nests correspond to conditional choice (such as that for fuels
given avehicle), and are expected to be more price sensitive. For the NMNL to be properly
structured, the choices within a nested subset must be closer substitutes than choices at a higher
level.

2.2.4 Effect of Motor Fud Costs and Fud Mix Choice on New Vehicle Choice

At the point of new vehicle choice, the consumers choose among alternatives based on the
effective cost of vehicle services, measured in dollars per barrel of gasoline equivalent services.
This service price includes the cost of fuel and the marginal capital cost of the vehicle amortized
over barrels of fuel use. The effective cost of fuel and vehicle non-price attributes (such as fuel
availability and limited vehicle diversity) are also reflected in the cost of vehicle services. For
multi-fueled vehicles, the nesting of fuel choice within the vehicle choice problem is handled by
passing composite fuel prices (including fuel choice sharing costs) to the vehicle choice function.

Fuel choice depends on fuel attributes such as price, vehicle performance using the fuel, and
refueling convenience. It also depends upon current fuel availability, that isthe fraction of retail
stations offering the fuel. This variable is endogenously determined in the fuel retail sector. The
multinomial fuel choice function uses an indirect utility for each fuel whichislinear in fuel price
and includes a constant term to reflect most other attributes. The indirect utility (or effective
cost) for each fuel varies non-linearly with endogenous fuel availability. The effective cost of fuel
availability is expected to be quite high for availabilities below afew percent, and to decline to
near zero as availability exceeds some moderate level (currently on the order of twenty percent).
The cost of low retail fuel availability is an important factor in the transitional analysis. It depends
on the additional travel and inconvenience which is required to refuel when stations are rarer, and
on the consumer’s valuation of that additional travel. Further discussion of the effective cost of
limited retail fuel availability may be found in Chapter 6.

®The slope Beta is both the price/cost sensitivity parameter in the utility function and a scale parameter inversely
related to the standard deviation of the error term in the underlying random utility choice model. For larger Beta,
choices are more price sensitive, indicating that the choices are close substitutes and that the random utility error
term issmaller. 1/Beta may be interpreted as the marginal utility of dollars.
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The endogenous and exogenous factors influence the choice among vehicles and fuelsin the
TAFV are given in the table 1 below.

Table 1. Factors Influencing Vehicle Choice
Factors considered in Fuel Choice Endogenous/Exogenous
Fuel Price Endogenous
Fuel Availability (fraction of retail stations Endogenous
offering fuel)
Refueling Freguency (based on range) Exogenous
Refueling Time Cost Exogenous
Performance Using Fuel (horsepower-to- Exogenous
weight ratio changes)
Factors Considered in Vehicle Choice Endogenous/Exogenous
Vehicle Price Endogenous
Fuel Cost (including the effective cost of non- Endogenous
price fuel attributes, as expected average of
fuel mix for multifuel vehicles)
Performance (measured by changesin the Exogenous
horsepower-to-weight ratio)
Cargo Space (based on loss due to space Exogenous
required for fuel storage)
Vehicle Diversity ( number of models offering Endogenous
AFV technology)’

In the Greene (1994) AFVC analysis, the multi-fuel capability of some vehicles was also ascribed

a separate “option” value, since it would allow drivers to change fuels as fuel price differentials
fluctuate. No separate value is ascribed to the multifuel attribute in the TAFV model, for two
reasons: the option value is difficult to calculate given endogenously varying fuel prices and
availability; and since some of the fuel flexibility option value is automatically included when fuel
prices change over the time horizon of the model. Alternative fuel vehicles are assumed to be
equally reliable and safe as conventional vehicles. Any social or aesthetic benefits of alternative
fuels or vehicles are omitted from the private choice determination.

"Thereis an extended discussion of thisissue later in this chapter.
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Amortization of Vehicle Capital Costs Into Capital Charges

In the Greene (1994) AFVC model analysis, vehicle costs are amortized to an equivalent capital

charge per unit vehicle services with capital recovery factor of 16.8%/year, and allocated over an
estimated 534 gallons of fuel use per year (12.72 BGE/year). This capital recovery factor is

calculated based on Greene's assumed discounting (7%) and vehicle depreciation (15%) rates. In
contrast, in the TAFV model, capital costs are borne in alump sum at vehicle purchase time, and

fuel charges are borne as the vehicle is used over time. However, the capital charge rate implied

by the TAFV dynamic cost minimization outcome closely matches that used in the Greene long-

run static analysis. The TAFV implied capital charge rate of roughly 17% can be calculated from

the method described in Appendix 2, based on the TAFV model's 10% discount rate, historically-
based vintaged scrappage rates, and a 5.4% rate of declining vehicle use with age.

2.3 Effective Cost to Consumersof Limited Vehicle Model Diversity

Consumers care about many vehicle attributes other than those specifically related to fuel
technology. If the alternative fuel technology is offered on only a limited number of vehicle
models, consumers are less likely to find the mix of attributes they prefer most. Accordingly,
consumers will view those vehicle fuel technology types with comparatively limited model
diversity as having an added effective cost. In TAFV, model diversity is measured relative to
conventional gasoline vehicles. By limited relative diversity we mean that the alternative fuel
technologyf is offered on fewer models. than the reference alternative of a conventional

gasoline vehicle, withiN, models. The demand for a particular AFV technology will increase with
the diversity of vehicle classes and models for which it is offered. To capture the cost of limited
diversity we adopt and extend the specification proposed by Greene (1995). In this approach, for
vehicles of each fuel tyde a limited-diversity cost teri@," is included in the generalized vehicle
cost to account for the costslinfited model diversity. Rather than explicitly modeling the
different vehicle models and the consumer choice among models, this specification provides a
powerful simplification which lets us account for diversity solely in terms of the number of vehicle
models offered for each fuel technology type.

Within the nested multinomial choice framework the random utility function for indivicafal
choicef is given as?

U =V, + UfD(nf) t g (%)

whereV, is the conditional indirect utility of the usual priced and non-priced attridufes the

utility limited vehicle diversityn, andg; is a random term reflecting the contribution of

unobserved attributes for vehicle technology tiyppecific to individual. LettingP; be the price

of the measured attributes ghtle the marginal utility of a dollar change in vehicle price, then the
utility of the measured attributes other than model diversity can be represented as a linear function
of the prices of the attributes.

8See Maddala, Chapter 3 for an excellent treatment of nested multinomial logits.
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V/(P) = o,+pP, (6)

2.3.1 Theoretical Valuation of Vehicle Diversity: Random Model Introduction Case

The utility of model diversity stems from the benefit consumers gain from having a choice over a
variety of vehicle models, within each fuel technology type f. Inthe TAFV Model, this selection
among models corresponds to a nested multinomial logit choice. Greene (1995) shows that if al
vehicle models within afuel technology type (and size class) are essentially equally attractive, then
the utility of vehicle model diversity can be represented as

D Nf

U~ =In—] <0 VN, <N, (7)
I\IO

where N, is the number of models of fuel type f and N, is the number of models of a numeraire

vehicle, e.g., aconventional gasoline vehicle. The numeraire vehicle is presumed to have the

widest diversity, i.e., N; < N,. Notethat the loss from limited diversity is zero if N; = N,. For

model diversity less than n,, the utility islower (negative).

The overal utility of avehicle is then given as the sum of its measured and non-measured
attributes.
U(P,N) = o, + BP; + In(NJ/N,) ©)

For the numeraire vehicle, the utility is simply
U, = a, + BP, 9)

This commonly used indirect utility function which islinear in price implies a constant marginal
utility of income. Accordingly, we can divide by the marginal utility of dollars (-B) to infer that
the monetary cost equivalent of limited diversity isIn(N¢/N,)/B, in dollars per vehicle. The vehicle
choice calculation (based on the sharing-cost equation) includes this monetary cost of limited
vehicle diversity. The total consumer cost of limited number of models N;, for the consumption of

g vehicles of fud typef, is
1 N
cV- Elr{ Wf) q, (10)

0

where 3 isthe NMNL choice parameter that applies to the choice among vehicles types. The
units make sense in this diversity cost function, since 3 is denoted in utils per $/vehicle, In(N/N,)
is a unitless number of “utils,” quantityis measured in new vehicles, so a@stwill be in
dollars.

2.3.2 Vehicle Model Popularity and the Order of Alternative Fuel Technology Introduction

The above formulation is based on the implied utility from a nested multinomial logit choice over
vehicle models, within each fuel technology class. It presumes that while each consumer may
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view the available models that offer the fuel technology somewhat differently, overall the models
are essentially equally popular. We know, of course, that within a particular size that the
popularity (market share) of conventional vehicles varies widely. In fact, we observe that the
vehicle production shares vary widely across models (see Figure 2). Hence, an assumption of
equal model popularity would not be good. An aternative interpretation is that the above
diversity cost measure assumes that the alternative fuel technology is introduced on vehicle
modelsin arandom order. This meansthat if the fuel technology is offered on n; out of n,
possible models, on average a fraction of Ni/N, consumers could obtain the technology on their
favorite model. We can roughly say that a N/N, share of consumers’ demand for models will be
satisfied. A random order of alternative technology introduction on a set of unequally popular
models implies the same utility of diversity as any order of introduction on a set of essentially
equally popular models.

Figure 2: Domestic Vehicle Salesby M odel
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There is some reason to believe that vehicle producers may offer alternative fuel technologies on
the most popular vehicle models first. This could increase the chances of the AFV’s success, and

be profitable for firms. The nested MNL choice model implies that the utility of diversity is
logarithmic in the share of consumers’ demand satisfied by the number of vehicles offered. We
can generalize our valuation of vehicle diversity by writing the utility of diversity as a function of
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share of demand satisfied, S(n).
c’ - %In(S(Nf))qf (1)

The treatment above implies that the (average) share satisfied by each model introduced was /N,
In this case the number of models offered N; the share satisfied is.

N
S(Nf) =

f
N, (12)

Suppose instead that, within each vehicle type, each of the models has popularity share s,. The
total popularity share for N, models offered is then

Nt
S(Nf) = ZSN (13)
N=1

Looking at Figure 2 which is based on actual 1994 vehicle production data, we see that if AFV
models are introduced in order of their popularity, the incremental share satisfied is a reasonably
smooth and well-behaved function, which declinesin N;. This cumulative share satisfied curve
can be roughly matched by a power function of N;, i.e.:

N) =~ Ne)”
S(f)N(WO]

S0) = 0 (14)
SNy =1
>0

Substituting this form into the diversity cost function:

1, Ni)®
CfV(Qf’Nf) = EI Wf] oF

0

o N
= E"'{ Wo] 0

The useful result isthat we can account for the different popularity of models and alternative
orders of AFV model introduction with a single scaling parameter . If AFV technology is
introduced on models in order of their popularity, then the incremental popularity share satisfied
by an additional model declines with the number of models. In this case the cumulative share
function N) is a concave function of N (0 < ® <1). For AFV technology introduction which is
random in terms of model popularity, cumulative share SN) is linear function of N (i.e., ® =1).
Interestingly, we see that if AFV models are offered in order of their popularity rather than
randomly, the implied costs of limited diversity are diminished, since the estimated parameter isin
the range between zero and one. The intuitive explanation for this result is that when a small
number of models are offered the popularity-based introduction means that more consumers are
satisfied and thereisless initial concern about model diversity. Also, in this case the marginal

(15
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contribution to diversity from adding another new model declines.

Chapter 3 describes the benchmarking of initial model diversity N; and the order of model
introduction scaling parameter o from current vehicle model sales data.

2.3.3 Marginal and Unit Costs of Limited Diversity

The marginal consumer cost of increasing the number of models (measured in $/model) is:
aCfD(q]va) _ ii
oN; B, N;

As expected, the marginal change in the cost of limited diversity for increasing diversity isless
than zero (the cost of limited diversity declines with N;), since B, is negative. Increasing the
number of makes or modelsis beneficial, and lowers the cost to consumers from having alimited
choice of vehicles. Stated differently, we can refer to the negative of the marginal cost of limited
diversity as the marginal benefit of increased model diversity. Dividing by the number of vehicles
O, the marginal benefit of increased model diversity per vehicle is positive and declines inversely
with N;:

<0 (16)

aC.°(q,N
_i f(qf f): (Di>0 (17)

O oN; B, N;
Its value, measured in ($/vehicle)/model, depends only on diversity N,, the marginal utility per
dollar B, and the order-of-introduction scaling parameter ». For any given level of vehicle
production g, the market equilibrium level of model diversity will balance the marginal benefit of
increased diversity N, to consumers with the marginal cost to vehicle producers of expanding
model diversity.

Also, the effect of limited diversity on the marginal consumer cost per vehicle is constant for a
given diversity N
oCc® _ 9 i
aqf Bv I\IO

Accordingly, we call this the “unit cost of limited vehicle diversity,” that is the added marginal
cost per vehicle due to limited diversity of vehicle models. Its value, measured in dollars per
vehicle, depends only awelative diversityN/N,, the marginal utility per dollgs, and the order-
of-introduction scaling parameter This unit cost of limited diversity is positive, since bpth

and Inf\/N,) are negative (foN<N,). For any given level of model diversly;, the market
equilibrium level of vehicle sale will balance the marginal benefit of vehicles with their marginal
production costs plus their effective non-price attribute costs, including the unit cost of limited
vehicle diversity.

= C°(N) < 0. (18)

By a second differentiation of (18) or (16) we get the following expression
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a°cPb o

dNgdg, B,

which represents the rate of change (decline) in the marginal costs of diversity with the number of
vehicles purchased. This cross-partial derivative isindependent of the number of vehicles g;.

N, <O (19)

Since vehicle choice in TAFV isdone in terms of new vehicle services, the vehicle services MNL
coefficient B, does not have the correct units for the above cost function. The units of B, are
utils/($/BGSE), so we need to adjust them for the number of vehicles required per barrel-gasoline
service-equivalent (BGSE) provided. The appropriate conversion factor is the stock-per-flow
coefficient k for vehicle stock providing vehicle services. The units of «k are million vehicles per
billion BGSE, i.e. vehicles per 1000 BGSE. Thus we can use 3, = f,, which has the units of
utils/($1000/vehicle). Accordingly, the unit cost of limited diversity per vehicle will be measured
in $1000/vehicle, and, for g in million vehicles per year, the diversity cost will be in $hillion per
year.

2.3.4 Vehicle M odel Diversity Data and Benchmarking Costs of Limited M odel Diversity

To benchmark diversity value (and the effective cost of limited diversity), we must set the
numeraire vehicle diversity N,, and order-of-introduction parameter ». The numeraire vehicle
diversity is identified with the diversity of conventional gasoline vehicles, which depends on what
we define as a distinct model. The definition of a model from the perspective of consumers must
match what is meant by a model from the perspective of the vehicle production module. Inthe
vehicle production module the addition of each new model is treated as requiring a new plant (or
comparable investment. That is, it imposes added costs equivalent to adding a new line or
production plant, with the scale of production equal to total industry capacity K divided by n. To
benchmark the reference vehicle diversity, the number of distinct vehicles (each usually associated
with a separate production plant) was counted from data in the Market Data Book, controlling for
comparable vehicle models (e.g. Taurus and Sable) and omitting low production runs
(<1000/year). The number of model types available for 1994 for automobiles was 128 and for
light trucks 45. The Table below shows the breakdown of vehicle types and the classifications
devised to produce the reference model diversity for conventional vehicles.
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Table 2: 1994 Conventional Gasoline Vehicle Model Diversity, by Size Class

Automobiles Number of Low Sales Duplicated Vehicle Type
M odels Volume M odels* Total
(Diversity)
Two Seater 8 10 0 18
Minicompact 7 5 0 12
Subcompact 34 5 3 42
Compact 35 9 5 49
Small Total 84 29 8 121
Midsize 25 5 5 35
Largesize 19 2 3 24
Large Total 44 7 8 59
Automaobile 212 65 24 301
Total
Cargo Truck 17 0 6 23
Passenger Truck 28 1 14 43
Light Trucks 45 1 20 66
Total
Grand Total 173 37 36 246

For each of the vehicle size classes, the distribution of vehicle production volumes by model was
used to estimate the curvature » of the model cumulative popularity function, Sn) = (n/n)”. For
each size class these popularity curves were similar, and the curvature o values were found to be
close to 0.386.
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Table 3: Estimate of Cumulative Popularity Share Parameter o
(Based on 1994 Model Sales Data)

Small Automobiles 0.39

Large Automobiles 0.40

Cargo Trucks 0.38

Passenger Trucks 0.37

All LDV Classes 0.37

The fit is not excellent, but it provides a reasonable and simple approximation of the vehicle
diversity and vehicle popularity issue. Using this value for o, the predicted versus actual
cumulative share of vehicle introduction for the combined data is shown in the figure below.

Figure 3 Fitted and Actual Vehicle Cumulative M arket Share versus Number of M odels
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2.3.5 Data: Unit Costsof Limited M odel Diversity per Vehicle - Numerical Examples
Given the coefficient 3 from the vehicles services MNL choice function of -0.0727 utils per dollar
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BGSE, we find B, = -2.475 utils/($1000/vehicle). Assuming that AFVsare introduced on models
in order of model popularity, the limited-diversity cost scaling parameter o is0.37. For a
numeraire number of models n, of 173, the unit diversity cost per new vehicle ranges from $770
(when only one model is offered) to $0 (full diversity). Under the less likely assumption of an
essentially random sequence of model introduction, the cost of limited diversity ranges from
$2080 to $0 per vehicle.

2.4 Data: Vehicle and Fuel Choice Par ameters

The following tables show TAFV Model vehicle and fuel choice data. The first table provides
specific numerical values for the non-price attributes of vehicles and fuels in the TAFV model.
The second table reports vehicle choice shares and fuel choice shares for multi-fuel vehicles, for
the special case where the endogenous choice variable (fuel price and availahility, vehicle price
and diversity) are equal. It provides some indication of the effect of the exogenous non-price
attributes.
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Table 5: Vehicle and Fuel-Specific Attribute Valuesin TAFV

Relative  Change Storage Storage Refueling  Additional
Energy InVehicle Change Space in Units Time Vehicle Cost

Vehicle Fuel  Efficienc  Weight inH.P. (galons) (gal, scf, kWh) (minutes) ($/Vehicle)

y

Conventional Gasoline  100.0% 0.00% 0.00% 15.8 15.4 6.0 $15,000
Flex-Fuel Gasoline  100.0% 0.00%  0.00% 185 18.0 6.0 $15,243
Flex-Fuel M85 101.0% 0.00%  3.00% 18.5 18.0 6.0 $15,243
Flex-Fuel E85 101.0% 0.00% 3.00% 18.5 18.0 6.0 $15,243
CNG Bifuel Gasoline 97.0% 4.70%  0.00% 51.8 15.4 6.0 $16,596
CNG Bifuel CNG 97.0% 4.70% -10.00% 51.8 650.0 7.5 $16,596
LPG Bifue Gasoline 98.0% 3.70%  0.00% 37.0 154 6.0 $15,813
L PG Bifuel LPG 98.0% 3.70% -5.00% 37.0 20.0 6.5 $15,813
CNG Dedicated CNG 100.0% 6.50%  0.00% 49.9 1300.0 8.0 $16,451
L PG Dedicated LPG 100.0% 2.00%  0.00% 21.2 20.0 6.5 $16,665
Alcohol Dedicated M85 105.0% 0.00% 10.00% 185 18.0 6.5 $15,176
Alcohol Dedicated E85 105.0% 0.00% 10.00% 18.5 18.0 6.5 $15,176
Electric Battery EV 429.4% 0.00%  0.00% 38.7 53.5 360.0 $22,608
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Table 6: Equal Fuel and Vehicle Price Market Choice Shares

Fuel Vehicle
Vehicle Fuels Share Share

Conventional Conventional 16.9%

Gasoline
Fex-Fuel Conventional 19.0%

Gasoline
Flex-Fuel M85 40.20%
Flex-Fuel E85 40.20% 16.8%
CNG Bifuel Conventional 90.8%

Gasoline
CNG Bifud CNG 9.2% 7.1%
L PG Bifuel Conventional 76.0%

Gasoline
LPG Bifuel LPG 24.0% 13.8%
CNG Dedicated CNG 9.7%
LPG Dedicated LPG 15.6%
Alcohol Dedicated. M85 50.0%
Alcohol Dedicated E85 50.0% 19.4%
Electric Battery EV 0.0% 0.6%
Total Vehicle 100.0%
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3.0 VEHICLE STOCK, USE AND DATA

3.1 Vehicle Stock Equations

The stock of vehiclesis tracked by age and year of manufacture (vintage). This allows vehiclesto
have characteristics change over time. An exogenously determined scrappage profile is applied to
vehicles by age group. In addition, vehicle use (gallons of fuel consumed per year) declines with
the age of the vehicle. Thisallows usto determine, for example, how many four-year-old
dedicated CNG vehicles are on predicted to be on the road in the year 2000 and how much fuel
they use.

One complicating factor to consider with flexible fuel vehiclesis that prior to purchase consumers
have a choice of the type of vehicle (e.g., CNG, alcohol, LPG) and whether to use gasoline or the
alternative fuel. Once the vehicle is purchased, consumers can only choose over which fuel to
use. Since vehicles and fuels are chosen in a multinomial choice framework based upon their
attributes (see Section 2) newly purchased vehicles, that provide vehicle services in the year
purchased, need to be differentiated from the on-road stock of vehicles to allow for this bifurcated
vehicle-fuel, fuel-only choice. With dedicated fuel vehicles this complication obviously does not
exist. To keep the structure of the model consistent, however, we treat all vehicle types
identically. In the vehicle stock equations of motion shown below ?, therefore, new investment in
vehicles by year, region and type, |, istreated as an age 0 vehicle, K., and tracked separately
from vehicles of age 1 and beyond.

Vehicle scrappage and use rates are combined into a single factor, y,., which varies by age. Since
these factors are exogenous they are independent of new vehicle choice and applied to brand new
vehicles. This makes that assumption that new vehicles survive to be one year old. For vehicle
type c the vehicle equations are given below.

K = Kyoe(l-v,) VE<Trac

(t+Dr(a+l)c
(20)

Kioe = |

trOc trc

3.2 Vehicles Stock Data

Since the TAFV model explicitly tracks vehicles by fuel type, year of manufacture (vintage), and
age, it is necessary to know the age distribution by fuel type in the models initial year. Moreover,
the rate at which vehicles are scrapped and the amount they are driven also depend on their age.
The surviving stocks of gasoline vehicles by vintage for the years 1984 - 1994 are derived by
combining data for automobiles and light-duty trucks (0-14,000 Ibs) (AAMA, pp. 39-40, Davis
and McFarlin, pp. 3-20). Inthe TAFV model, vehiclesthat are not scrapped, can live up to 30
years. Therefore, we estimated the surviving stocks of on-road vehicles for vintages 1965-1983
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Figure4: Vehicle Scrappage Rate by Age
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by determining what quantity of these vehicles must be on the road to make up the difference
between the known number of cars and light-duty trucks in 1994 and those accounted for by the
1984-1994 vintages. These estimates are derived using the assumption that all vehicle classes
scrap at the same rate.

Scrappage rates are based on a logistic function estimated by Miaou (1991 and 1995). The
function form and figure plotting the estimated equation are presented below.

B 1
T er @y
Where: Yy, = scrappage rate for vehicle of age a
o= 4.60
f=-584
y= 0.44
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3.2.1 Declining Vehicle Use With Age

Annual millage by age and vehicle type used by TAFV originated from EPA’s Mobile 5 emissions
model. Light duty gasoline truck types listed were based on gross vehicle weights <6001 Ibs and
6001-8500. Since most light trucks correspond to the lower range, we choose the <6001 type as
being representative of both cargo and passenger trucks. Only one light duty gasoline automobile
type was used by mobile 5. We choose this type to represent both small and large automobiles.
Table below presents the annual mileage by age and type.

Table7: Annual Miles Driven by Age and Vehicle Type
Age | Small Autos | Large Autos | Cargo Trucks | Passenger
1 14390 14390 15442 15442
2 13612 13612 14508 14508
3 12875 12875 13631 13631
4 12180 12180 12807 12807
5 11522 11522 12032 12032
6 10899 10899 11305 11305
7 10310 10310 10621 10621
8 9751 9751 9979 9979
9 9225 9225 9376 9376
10 8726 8726 8809 8809
11 8254 8254 8276 8276
12 7807 7807 7776 7776
13 7386 7386 7306 7306
14 6987 6987 6864 6864
15 6608 6608 6449 6449
16 6251 6251 6059 6059
17 5913 5913 5693 5693
18 5594 5594 5348 5348
19 5291 5291 5025 5025
20 5005 5005 4721 4721

3.2.2 Starting Initial Stocks of On-Road Vehicles

In order to get the correct number of vehicles purchase in the initial forecast years, the model
must be initialized with the correct age distribution of the on-road vehicle stock. The age
distribution matters since vehicle scrappage and use rates vary by age. Unfortunately, data do not
exist on the age distribution for all 30 years ( ages 0-29) of our assumed potential vehicle life. For
ages 0-10 corresponding to years 1994 - 1984, we use data from the American Automobile

25



Manufacturers Association (AAMA, p. 39). We estimate the percentages of the on-road stock
for ages 11-29 using the total number of vehicles not accounted for by age 1-10 year old vehicles,
the total on-road light-duty vehicle stock, and by making the assumption of a constant historical
purchase rate, given the exogenously determined scrappage rate. Defining the multi-year survival

a
rate (i.e., the percentage of vehicles of age surviving) as c_ = H (1-v,), the number of vehicles of
a=0

any age a ontheroad at timet is the product of the multi year survival rate and the level of
investment a years ago.
Kia = 1129, (22)

If we now sum over all ages of vehicles, this gives us the total number of vehicles on the road at
any timet.

A A
> Ka = > lia O, (23)
a=0 a=0

If we assume a steady-state level of investment, 1 =1, . , =1, then we can factor investment out

of the above equation and determine what the steady-state level of investment must have been
given our observed level of vehicles and scrappage rate.

Z Ktot

A
Iz(l:0
A

Y o,

a=0

(24)

Using this relationship we derive the steady-state level of investment for the 23% of vehicles not
accounted for by vehicle of age 0 to 10. Then applying the multi year survival function to the
steady-state level of investment we derive a historical age profile for on-road vehicles consistent
with our scrappage rate and observed total vehicle stock. Explicitly, we use the following
equations.

0.23K
= — " and K, =1lo, V a>11
Sn
(25)
a=29
where 6, = Y, = o,
a=11

From these calculations the initial percentage on-road vehicles for ages 11 - 29 are calculated.
Combining these results with the observed age distribution for vehicles age 0 - 10 yield the age
profile shown in Figure 5.
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Figure5: Initial Vehicle Distribution by Age
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4.0 FLEET VEHICLES

4.1 Fleet Vehicle Demand

Fleet demand for new conventional and aternative vehicles is derived from exogenous demand for
vehicle services by fleet vehicle owners. The mix of new vehiclesis aso constrained exogenously
to reflect the EPACT fleet mandate policy under consideration. Absent EPACT, fleet vehicle
owners would freely choose a mixture of conventional and alternative fuel vehicles to meet their
demand for vehicle services. Given EPACT, fleet owners are compelled to choose a specified
percentage of alternative fuel vehiclesin each year. The mandated new AFV purchase
percentages vary depending on the policy adopted, i.e., depending on the type of fleets which are
subject to the mandate (e.g. federal, state and local government and alternative fuel provider.) In
most cases the mix of AFV s within the mandated total AFV percentage is unspecified. The
percentages of aternative fuel vehicles required to be purchased are given in Table 8 below.
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Table 8: EPACT Fleet AFV Purchase Requirements
(Percent of Total Vehicle Purchases by Category)
Y ear Alternative Federal State Early Private Late Private
Fuel and Local and Local
Providers (if required)

1993 0% 15%* 0% 0% 0%
1994 0% 23%* 0% 0% 0
1995 0% 30%* 0% 0% 0
1996 30% 25% 10% 0% 0
1997 50% 33% 15% 0% 0
1998 70% 50% 25% 0% 0
1999 90% 75% 50% 20% 0
2000 90% 75% 75% 20% 0
2001 90% 75% 75% 20% 0
2002 90% 75% 75% 30% 20%
2003 90% 75% 75% 40% 40%
2004 90% 75% 75% 50% 60%
2005 90% 75% 75% 60% 70%
2006 90% 75% 75% 70% 70%
2007 90% 75% 75% 70% 70%
2008 90% 75% 75% 70% 70%
2009 90% 75% 75% 70% 70%
2010 90% 75% 75% 70% 70%

*These percentages are calculated based upon the EPACT numerical requirements of
5,000, 7,500, and 10,000 vehicle purchased in 1993, 1994, and 1995 assuming 50,000
federal fleet vehicle acquisition per year (Davis and McFarlin, p. 5-5). In addition, federa
requirements for 1993 - 1995 have been increased by 50 percent pursuant to Executive
Order 12844.

The precise number of alternative fuel vehicles implied by these EPACT requirements has been

estimated by EA (1997) based upon the definition of “covered” fleets contained in EPACT.
Under EPACT the Secretary of Energy must determine if a late rulemaking is required to attain
EPACT’s goals. The late rulemaking would require local governments and private fleets to meet
the minimum purchase requirements listed in the table above. Absent the late rulemaking,
EPACT's fleet requirements only include those on federal and state governments and alternative
fuel providers. Since the number of vehicles in private fleets are far larger than the all the other
fleets combined, the late rulemaking would have a large effect on the required number of AFVs.
The estimated number of EPACT fleet vehicles are given in table 9.
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Table 9: Estimated EPACT Fleet Vehicle Purchases: No Private Fleet Rule

Federal Fleets Fuel Providers Non-Electric |Fuel Providers Electric Fud Provider Total
Y ear Cars LTD Total Cars LTD Total Cars LTD Total Cars LTD Total
1993 3,601 1,816 5,417 17 861 0 0 0 0 17 861 0
1994 2,731 6,056 8,787 17 861 0 0 0 0 17 861 0
1995 2,127 5,266 7,393 17 861 0 0 0 0 17 861 0
1996 2,537 4,210 6,747 427 2,017 0 0 0 0 427 2,017 0
1997 3,018 5,959 8,977 1,662 2,301 3,963 0 0 0 1,662 2,301 3,963
1998 6,388 7,324 13,712 2,871 2,610 5,481 81 775 856 2,952 3,385 6,337]
1999 10,770 9,963 20,733 4,214 2,784 6,998 1,116 1,724 2,840 5,330 4,508 9,838
2000 11,296 9,615 20,911 4,214 2,784 6,998 2,036 1,939 3,975 6,250 4,723 10,973
2001 11,296 9,800 21,096 4,284 2,825 7,109 3,063 2,047 5,110 7,347 4,872 12,219
2002 11,296 9,996 21,292 4,354 2,867 7,221 3,063 2,047 5,110 7,417 4,914 12,331
2003 11,296 10,202 21,498 4,424 2,908 7,332 3,063 2,047 5,110 7,487 4,955 12,442
2004 11,296 10,420 21,716 4,424 2,908 7,332 3,063 2,047 5,110 7,487 4,955 12,442
2005 11,296 10,650 21,946 4,557 2,775 7,332 3,063 2,047 5,110 7,620 4,822 12,442
2006 11,296 10,893 22,189 4,557 2,775 7,332 3,170 1,939 5,109 7,727 4,714 12,441
2007 11,296 11,148 22,444 4,557 2,775 7,332 3,170 1,939 5,109 7,727 4,714 12,441
2008 11,296 11,419 22,715 4,557 2,775 7,332 3,170 1,939 5,109 7,727 4,714 12,441
2009 11,296 11,703 22,999 4,557 2,775 7,332 3,170 1,939 5,109 7,727 4,714 12,441
2010 11,296 12,004 23,300 4,557 2,775 7,332 3,170 1,939 5,109 7,727 4,714 12,441
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Table 9 (Continued) Estimated EPACT Fleet Vehicle Purchases. No Private Fleet Rule

State Fleets L ocal Fleets Private Fleets Total Fleets
Y ear Cars LTD Total Cars LTD Total Cars LTD Total Cars LTD Total
1993 333 2,314 2,647 0 0 0 0 0 0 3,951 4,991 8,942
1994 333 2,314 2,647 0 0 0 0 0 0 3,081 9,231 12,312
1995 389 2,067 2,456 0 0 0 0 0 0 2,533 8,194 10,727
1996 389 2,067 2,456 0 0 0 0 0 0 3,353 8,294 11,647
1997 984 1,950 2,934 0 0 0 0 0 0 5,664 10,210 15,874
1998 1,000 2,050 3,050 0 0 0 0 0 0 10,340 12,759 23,099
1999 1,314 2,200 3,514 0 0 0 0 0 0 17,414 16,671 34,085
2000 3,826 3,884 7,710 0 0 0 0 0 0 21,372 18,222 39,594
2001 12,055 11,036 23,091 0 0 0 0 0 0 30,698 25,708 56,406
2002 12,220 11,152 23,372 0 0 0 0 0 0 30,933 26,062 56,995
2003 12,387 11,268 23,655 0 0 0 0 0 0 31,170 26,425 57,595
2004 12,557 11,386 23,943 0 0 0 0 0 0 31,340 26,761 58,101
2005 12,729 11,504 24,233 0 0 0 0 0 0 31,645 26,976 58,621
2006 12,903 11,625 24,528 0 0 0 0 0 0 31,926 27,232 59,158
2007 13,079 11,745 24,824 0 0 0 0 0 0 32,102 27,607 59,709
2008 13,257 11,867 25,124 0 0 0 0 0 0 32,280 28,000 60,280
2009 13,439 11,992 25,431 0 0 0 0 0 0 32,462 28,409 60,871
2010 13,623 12,117 25,740 0 0 0 0 0 0 32,646 28,835 61,481
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Table 10: Estimated EPACT Fleet Vehicle Purchases: Late Private Rule

Federal Fleets Fuel Providers Non-Electric |Fuel Providers Electric Fud Provider Total
Y ear Cars LTD Total Cars LTD Total Cars LTD Total Cars LTD Total
1993 3,601 1,816 5,417 17 861 878 0 17 861 878
1994 2,731 6,056 8,787 17 861 878 0 0 0 17 861 878
1995 2,127 5,266 7,393 17 861 878 0 0 0 17 861 878
1996 2,537 4,210 6,747 427 2,017 2,444 0 0 0 427 2,017 2,444
1997 3,018 5,959 8,977 1,662 2,301 3,963 0 0 0 1,662 2,301 3,963
1998 6,388 7,324 13,712 2,871 2,610 5,481 0 0 0 2,871 2,610 5,481]
1999 10,770 9,963 20,733 4,214 2,784 6,998 81 775 856 4,295 3,559 7,854
2000 11,296 9,615 20,911 4,214 2,784 6,998 1,116 1,724 2,840 5,330 4,508 9,838
2001 11,296 9,800 21,096 4,284 2,825 7,109 2,036 1,939 3,975 6,320 4,764 11,084
2002 11,296 9,996 21,292 4,354 2,867 7,221 3,063 2,047 5,110 7,417 4,914 12,331
2003 11,296 10,202 21,498 4,424 2,908 7,332 3,063 2,047 5,110 7,487 4,955 12,442
2004 11,296 10,420 21,716 4,424 2,908 7,332 3,063 2,047 5,110 7,487 4,955 12,442
2005 11,296 10,650 21,946 4,557 2,775 7,332 3,063 2,047 5,110 7,620 4,822 12,442
2006 11,296 10,893 22,189 4,557 2,775 7,332 3,063 2,047 5,110 7,620 4,822 12,442
2007 11,296 11,148 22,444 4,557 2,775 7,332 3,170 1,939 5,109 7,727 4,714 12,441
2008 11,296 11,419 22,715 4,557 2,775 7,332 3,170 1,939 5,109 7,727 4,714 12,441
2009 11,296 11,703 22,999 4,557 2,775 7,332 3,170 1,939 5,109 7,727 4,714 12,441
2010 11,296 12,004 23,300 4,557 2,775 7,332 3,170 1,939 5,109 7,727 4,714 12,441
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Table 10 (Continued) Estimated EPACT Fleet Vehicle Purchases. Late Private Rule

State Fleets L ocal Fleets Private Fleets Total Fleets
Y ear Cars LTD Total Cars LTD Total Cars LTD Total Cars LTD Total
1993 333 2,314 2,647 2,970 5,940 8910 0 0 0 6,921 10,931 17,852
1994 333 2,314 2,647 3,029 6,058 9087 0 0 0 6,110 15,289 21,399
1995 389 2,067 2,456 3,089 6,179 9268 0 0 0 5,622 14,373 19,995
1996 389 2,067 2,456 3,151 6,303 9454 0 0 0 6,504 14,597 21,101
1997 984 1,950 2,934 3214 6,429 9643 0 0 0 8,878 16,639 25,517
1998 1,000 2,050 3,050 6,557 3,278 9835 0 0 0 16,816 15,262 32,078
1999 1,314 2,200 3,514 6,687 3,343 10030 0 0 0 23,066 19,065 42,131
2000 3,826 3,884 7,710 6,821 3,410 10231 0 0 0 27,273 21,417 48,690
2001 12,055 11,036 23,091 6,957 3,478 10435 0 0 0 36,628 29,078 65,706
2002 12,220 11,152 23,372 9,331 4665 13,996 50,025 26,212 76,237 90,289 56,939| 147,228
2003 12,387 11,268 23,655 5,444 23174 28,618 100,050 52,425 152,475| 136,664 102,024 238,688
2004 12,557 11,386 23,943 8,277 35,168 43,445 150,075 78,637| 228,712 189,692 140,5566| 330,258
2005 12,729 11,504 24,233 9,789 41509 51,298 175,087 91,744 266,831| 216,521| 160,229 376,750
2006 12,903 11,625 24,528 9,923 41,994 51,917 175,087 91,744 266,831| 216,829 161,078 377,907
2007 13,079 11,745 24,824 10,059 42485 52,544 175,087 91,744 266,831| 217,248 161,836 379,084
2008 13,257 11,867 25,124 10,196 42,982 53,178 175,087 91,744 266,831| 217,563 162,726 380,289
2009 13,439 11,992 25,431 10,335 43484 53,819 175,087 91,744 266,831| 217,884| 163,637| 381,521
2010 13,623 12,117 25,740 10,476 43992 54,468 175,087 91,744 266831| 218209 164571] 382,780
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As mentioned, in each model run fleet vehicle purchases are derived from the exogenously
specified fleet demand for vehicle services. In developing the input data, we work backward from
the total fleet vehicle purchases which are potentially subject to the AFV mandate to determine
the associated fleet vehicle services demand. In order to convert the yearly EPACT fleet sales
into the implied total fleet demand for vehicle services in each year, we accumulate yearly sales
into effective stocks assuming that fleets have the same vehicle usage and scrappage profiles as
privately purchased vehicles. In addition, we include the existing AFV stocks from recent fleet
AFV purchases. These existing stocks of AFVs are shown in the table below and are included in
the total demand for fleet vehicle services included in the model.

Table 11: Total Federal, State and L ocal Government
Fleet Alternative Fuel Vehicle Stocks*
Y ear 1992 1993 1994
Fleet Fleet Fleet
LPG 9420 43032 42585.5
CNG 5687 11782 15942
M-85 2610 7418 10283
E-85 139 387 930
Electricity 0 14 182.5
Total 17856 62633 69923

*Based on EIA, December 1996, Tables4, 5, 6, pp. 17-18 and
EIA, June 1994, Tables 3 and 5 pp. 12-14.

4.2 Fleet Vehicle Choice

Notwithstanding the absolute number (or percentage) of AFVsrequired under the EPACT
requirements, the choice among alternative fuel vehicle typesis under the discretion of the fleet
owners. Inthe TAFV model fleets can choose dedicated or dual-fueled vehicles that use alcohol
(M85, E85), LPG, CNG, and dedicated electric vehicles. This approach treats fleet vehicle
demand as separate category of overal vehicle demand. Fleet vehicles are chosen according the
same nested MNL choice model as described in the section on vehicle choice. When fleets choose
to purchase dual-fuel vehicles, fleets owners have the second choice over fuel use in each period.
Factors influencing the choice of vehicles and fuels include the prices of the vehicles and fuels as
well as non-priced attributes. For the present, the fleet valuation of non-priced vehicle attributes
is assumed to be the same as those used for non-fleet purchases. Subsequently, fleet vehicle
choice parameters may be adjusted to test the sensitivity of the model to these base assumptions.

Two aspects of fleet vehicle use which affect the valuation of non-priced vehicle attributes are

whether or not fleet vehicles are assumed to refuel centrally or commercialy and the intensity of
vehicleuse. The model assumesthat EPACT fleet vehicles refuel commercially. This has the

34



conseguence of providing additional retail fuel availability for privately owned AFVs. The degree
to which fleets use commercial refueling facilities can be varied. The second important use
difference between fleet and private vehicle use is that fleet vehicles are used more intensely. That
is, some fleet vehicles may be driven significantly more per year than private vehicles. This
additional driving per year mean that fleets may be more inclined to purchase an AFV in order to
take advantage of a small price advantage in an alternative fuel. This factor is not yet reflected in
the model.
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5.0 VEHICLE PRODUCTION MODEL

The alternative vehicle supply module currently estimates the retail prices for vehiclesin asingle
size class, as afunction of vehicle production, production capacity, and model diversity. The
vehicle fuel-types included use the following fuels: gasoling, LPG, CNG, alcohols, and electricity?®.
Both dedicated and dual/flexible fuel vehicles may be produced, including electric hybrid vehicles.
This means that, including conventional gasoline vehicles, there are a maximum of 9 vehicle types
whose production costs will estimated.

Following EEA (1994, 1995) the costs of AFVs are calculated by using incremental retail price
estimates. EEA believes that AFV technologies, except for electric vehicles, are essentially

mature. Here “mature” means that further cumulative production will not lead to technological
learning and per-unit production cost reductions at a rate significantly faster than conventional
vehicle production costs will decline. There do exist, however, per-unit cost savings with large
scale production.

Per-unit production costs are modeled as a declining function of the production capacity available
in a given year. The volume of production is constrained by the level of cumulative investment
(less decay) by manufacturing firms in technology-specific capital, e.g., investment vehicle class
and fuel type. Since retail prices are characterized as a function of production volume, the price
of vehicles is an endogenous variable. This has the advantages of showing the positive feedback
effects from policies (such as AFV fleet programs) that encourage the adoption (and production)
of AFVs. The general shape of the incremental retail cost curves are shown below.

°Future versions of the model will estimate the retail prices for two car classes and two light truck classes.
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Figure 6: General Shape of Incremental Retail Capital Costs
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An empirical issue is whether variable costs, in each time period, should be assumed to be
constant, or vary with capacity. Data provided by EEA do indicate that average variable costs
decline with the level of production. To account for this we subtract out of the variable costs an
amount equal to the minimum variable costs at large-scale production (for each fuel and vehicle
type.) Theremaining portion of variable costs are added to capital costs. We have alocated a
portion of variable cost to capital costs such that a portion of variable costs decline with the level
of installed capacity. The remaining portion of variable costs is constant.

One key feature of the TAFV model design is to recognize that vehicle manufacturers may
underutilize capacity. Thus, the consumer price of vehicles will not necessarily reflect the full cost
of capital. Vehicle manufacturers, will nonetheless, till have to pay for all installed capacity. If
demand levelsin any time period exceed the rated capacity levels of the installed capacity, then
the price of vehicles to consumers will aso reflect a charge representing a short-run capacity

constraints such that incremental vehicle markups will rise.%,*

19 the AFTM, variable costs for fuelsincreased at higher demand levels due to feedstock scarcity, but capital
charges were assumed to be constant. The same will be truein this model for fuels.

M)t is possible that low volume production (in the hundreds of units per year) would have unit production costs so
high that no vehicles would be demanded. Nonetheless, some vehicles may be sold at aloss by vehicle
manufacturers to meet regulatory requirements or as a form of corporate good citizenship. Initially, this behavior
will not be explicitly modeled. Scenarios that assume different levels of per-unit vehicle subsidies will berun to
examine the importance of thisissue.
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5.1 Vehicle Diversity Effectson Production Costs

Vehicle production costs functions are defined in the TAFV model for each vehicle fuel-type and
Size class. Asdescribed earlier, consumers gain value from having a choice among arich set of
vehicle models within each size-class/fuel-type. On the other hand, vehicle costs (for each vehicle
class and fuel technology) increase as the richness of offerings (number of models) increases. For
vehicles, each additional model variant produced will require some amount of specialized capital
representing product line fixed costs. Also, for a given level of vehicle production, expanding the
number of models will diminish the scale of production for each model, leading to higher costs
due to scale diseconomies.

Vehicle diversity is a choice variable under the control of the vehicle producer that reflects the
relative richness of models for each vehicle fuel-class type. Diversity is measured by the number
of models n; offered for vehicles of fuel type f. This statistic is adequate to inform the consumer
choice module with the simplified make and model representation described by Greene (1995).
While model diversity adds to the vehicle producers costs, there is a motivation for producing
diversity since it makes a vehicle type more attractive to consumers. Producers recognize that
consumers will be willing to pay for some degree of diversity. The TAFV model solution
identifies the market number of vehicle models where the marginal producer cost of increasing
diversity balances the marginal consumer benefit of added diversity.

5.2 Mathematical Representation of Vehicle Manufacturers Behavior
Technological Description

In automobile manufacturing fixed amounts of capital are required before the first unit of
production. For the purposes of this analysis, installed capital is modeled as fixed costs at the
level of fuel technology and vehicle class. The following equation describes the time-evolution
rate of technology-specific capital. Note that vehicle production capital is durable, but not
vintaged.

K(t+1)c - (1 _Yc) Ktc * Itc vV G i<T (26)

Where
c conversion process producing vehicles of a particular fuel technology and size
class
Ye decay rate of installed vehicle production capital type c
K.  fixed vehicle capital specific to the production of vehicle fuel-type c
e new capital investment.

V ehicle manufacturers are assumed to maximize profits from producing and selling vehicles.

Formally, the competitive vehicle manufacturers’s economic problem is stated as follows
(omitting regional subscripts).

38



Max 3 8{PQ, - C(QK,N) - C'(1)}
QNI t
st. Q < f(K,N) vt

Kiy = (L-y K@) + 1, Vi<T
Q=>01,>0 Wt

(27)

where the variables are:

Q industry production of vehicles of fuel-type/class

N, number of vehicle models offered of fuel-type/class
The Lagrangian for this problem is given below.

L= Y 5{PQ. - CIQKN) - €y}

)
+ Z )\’f(Qt - f(Kt’Nt))
kt (28)
+ ;wm ~(1-y)K® - 1)

)
Y ueQ + wy,
t

As described above, vehicle manufacturers face a marginal (and average) cost curve which is
downward sloping with respect to installed capital. It is recognized that production of each
vehicle type involves some sunk costs and some capital which may be converted to produce other
vehicle types. The vehicle price includes a base cost due to “variable” factors. The variable cost
includes both the usual variable factors and generic capital costs that are not specific to the
production of that vehicle fuel-type and size-class. Generic capital investments are assumed to be
recoverable and convertible to the production of other vehicle types. They are treated as a
variable cost so that if the production of an AFV is reduced or ended that portion of capital
investment is not lost. The vehicle price also includes a capital cost term that is specific to vehicle
type and class;, and that declines with the scéleof the vehicle production plant. This fixed

cost of vehicle-specific capital is borne even if it is not fully utilized. In addition, vehicle
manufacturer’s face a charge for offering a diverse number of magdels,

Vehicle production costs are represented in the TAFV model, therefore, by three cost
components: variable costs, capital costs, and vehicle diversity costs. At the plant-level, the
marginal variable costs are constant over oufputhat is, per-unit variable costs are given by
the constanP,™

Ce (aok) _ oC(auk)
qc an

The vehicle incremental costs data that we obtained from EEA (1995(c)) are based on average-
cost pricing, and vary with plant scale. We treat them as marginal cost data and construct a cost
function such that marginal decisions with respect to vehicle production yield the above marginal

P, (29)
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pricing outcomes.

For simplicity, the marginal capital charges for vehicle production are fitted to a hyperbolic
function which declines with plant scale:
i B
Po(ky) = P =2 (30)

r
C

Here k. isthe plant-level rated production capacity for vehicle type c. We use asimple
production function where maximum output is maximum capacity divided by the stock-per-flow
coefficient (i.e., g. < f(K) = K/x). Division of capacity by the stock-per-flow coefficient x
converts a stock of capital into the maximum annual flow of vehicles produced. Since our cost
data are specified in terms of rated plant capacity and the model refers to maximum production,
we divide by the parameter p = 1.15 to convert from maximum capacity to rated capacity.

The cost function is thus derived by integrating the unit variable costs with respect to output
levels, and incremental capital costs with respect to installed vehicle production capacity levels.
Performing the integration yields the following cost equation, where for each vehicle production
plant g, isthe level of output and C°, is the constant of integration.

ok k
P o Bclr{ _C) + C?
px px

The first term on the right is the plant variable cost, which equal output times the variable costs
per unit production. The second reflects the minimum incremental capital cost per unit capacity,
achieved for mature-scale levels of plant capital investment K. The third term indicates that per-
unit incremental capital costs (and hence vehicle prices) decline as the level of installed fixed
capital increases from the minimum feasible scale toward mature or full-scale levels of fixed
vehicle production capital. Recall that for simplicity the marginal decline in unit costs was a
hyperbolic function fitted to our data.

(31)

Co (k) = g P +

Our approachisto treat each plant (vehicle model) as a separate operation, with capacity roughly
equal to the industry average scale for that vehicle fuel-type. Total industry incremental capital
costs for the production of each vehicle type are equal to the number of plants times the single -
plant capital cost for each plant at average plant scale:

Ce PINKY = NCY(KJN)) (32)

where

K. industry-wide production capacity for vehicle type c

\R number of plant/models for vehicle type c

KJ/N, average plant capacity.
Total incremental capital costs for vehicle production capacity are calculated here. Since marginal
capital costs depend upon the scale of each vehicle production plant, the incremental capital cost
calculation is a function of total industry capacity (K,.) and the number of vehicle models/plants,
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N,.. The minimum incremental marginal capital costs, P,™", occurs for very large-scale
production, and marginal capital costs are greater for lower scale (lower K/N) according to the
parameter B..

. K K 1
CVe®(KIN) = || PM—S + Bl —=|| + = Voce
€ TN ( ¢ pr N, ¢ pr N, € 1000 Cvrron
where (33)
min min
CO _ I:)minﬁcl +B Kln LcI +P NUMMOD
=c C pKC C pKC C

These are the incremental costs of plant capital specific to vehicle type c. Variable and
non-incremental (generic) capital costs are captured in the conversion cost terms. Note that total
vehicle production stock K is divided by p=1.15 to convert from maximum production capacity to
rated capacity, since the cost functions are specified in terms of rated capacity. K.™" isthe
minimum plant capacity for vehicle type ¢ (which also equals the minimum industry capacity since
the minimum number of plantsis one).

Industry-level vehicle production costs for vehicle type and class c is equal to the number of
models N . times the plant-level vehicle production costs. The industry-level cost function for
vehicle type and class c is given below. Theindustry collectively and simultaneously determines
the output level g, = N, g., the number of models, N, and the installed capacity K= N, k.

CUk,a) = CL#(k) + CL(q)
CCV(KC’QC’NC) = NC-QZ(KC/NC’ QC/NC)

- K K
N{P,""—— + B ¢
N px N.px

K K 1
I:)Cmm=C + NCBCI’-{ : ] + NCC:CO + (Dcl:)\(',{ar

+ Co| + QP (34)

pK N_px

where C_ is a constant of integration. The variable cost P,"* represents the constant, per-unit
variable costs.

Differentiation of the above equation for industry costs with respect to industry levels Q. and K,

yields the desired marginal conditions, that is, the same marginal costs as those for each individual
plant evaluate at the plant levels g, and k.
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0C (KaQuNo _ dc.'(kydy)
Q, o, i
0C (KaQuN) _ ac.(dk) ponn, B
oK ak ¢ pr(KJN)

Cc C

(35

Asis shown below, in Section (??) when there in not excess vehicle production capital (at market
equilibrium prices) then the producer marginal costs of vehicles are the variable costs plus the
margina capital costs, or:

- B
. ki
Producer Price = Py’ + Py Ki’ : (36)
prky,

If new vehicle production capital isidle (at market equilibrium prices) then the producer margina
var

cost of avehicle is smply the variable cost of vehicles: Py,” .

5.3 Benchmarking Diversity Production Costs

Diversity production costs are properly thought of as costs to the vehicle manufacturer who is
offering one or more product lines. These costs are captured by adjusting the scale of production
at the plant level to reflect the average size of plants given the number of models produced of a
given vehicle type and class. Given N, models for vehicle type and class ¢, we calculate vehicle
production costs at the industry average scale, K/N...

We note that the marginal cost function is only defined for plant capacity above the minimum

plant scale (k > k,,,)), therefore, we interpret the shaded area to the left of K, ;, shown in Figure 7
is the fixed costs per model.
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Figure 7: Benchmarking Vehicle Diversity Fixed Costs
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Mathematically, we see that this area is defined by splitting the following definite integral for plant

capital costs into two parts: one that ranges above and one that ranges below K.
k

C . B
e ) = | {P - }dx

A PKX,

K (37)

c ) B Kmin _ B
_ f I:)Ckmln N c dX + f I:)Ckmln N c dX
pKXC 0 pKXC

Kmin

Performing the integration over plant capacity k. yields:

keo keoy  kmin kmin
N.c. “(k,q) = NCH Po ke | BJn(ﬁ)}{ Poke ™ | ch(kc )}+ cf(kmm)} (38)
pK pK

pK pK

The first term on the right-hand-side represents the total incremental capital costs per model that
vary with plant size and are a function of the minimum plant size. The latter two terms represent
fixed (sunk) costs per model that are independent of plant capacity, but reflect the presumed
minimum size of each plant. We assume that fixed costs per model are equal to the fixed capital
expense of a plant with a minimum scale of k.™" (1000) vehicles.

Substituting in average plant capacity KJ/N, for plant scale k., we get the following expression.
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{{ I:)CkminKC KC }
CKQuN) = Nijj—=——° +Bln( =)

K N px
(39)
I:)kmin min min _
{—" .. Bcln(k“—)} - cé’(kcm'”)}
pK pK
Multiplying through by N, and simplifying we get:
_ var Pckoch | Kc
C(QC’KC’NC) - I:)C QC " pK " NCBC n( N pK)
C
(40)

+BIn(——
px px

keop , kmin kmin
_ Nc{& s )} + Nk )

We are interested in the marginal cost of supplying another model, that is of increasing the
number of plants N.. Taking the derivative of the above equation for total industry costs with
respect to the number of plants/models N, we get:*2

v keoy kmin kmin
aCc (KC’QC’Nc) - Bl KC -1l - L +B In(kc=) + CCO (41)
oN, N.px < px

pPK
Since there is not guarantee that the first term is positive, as plant scale K /N, varies, this marginal
condition can be negative when the integration constant ¢ is omitted. Since industry costs rise
with the number of models produced, and from the geometry of the problem shown below, we
can interpret ¢ asthe industry level fixed cost of per model. The marginal cost of producing
diversity depend on the level of industry scale K., since it clearly costs more to increase the
number of vehicle models when the average model productionislarger. Therefore, these fixed
costs are benchmarked such that at the minimum plant size, k. the marginal costs of adding a
new plant is zero, and increasing in magnitude for larger plant sizes. If we evaluate the marginal

K .
costs of increasing the number of models at the point TC = k""", then we get the following

expression.

Vv
anv(ng,ngv, ng)
on

‘ :—Bgv—=+c = 0. (42)
aqv Ezkmin

n

2Note that in taking this derivative we are holding K (= n k) fixed with respect to n since we are trying to
determine industry-level changesin costs (for a given vehicle type and size class).
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keoy  kmin
Thefirst two terms on the immediate right-hand-side of the equation, B, + ~ % giveus
pPK
the formula for calculating the marginal cost of capita at the minimum plant size times the
minimum plant capacity. Thisis area shown in the rectangle shownin ?, 2. Thus, ¢/ is chosen
such that the three termsin 43 exactly offset one another.

Note that total capital costs and marginal costs with respect to N, are independent of the choice of
units for capital, k.. Any change in units adjusts the upper and lower limit terms of the integral of
marginal capital costs in away which cancel out. Thisisasit should be. Note also that the
proper units for the terms are:

P annual capital charge per unit capacity ((dollars per (vehiclelyear))/year)
capacity per plant ((vehicles/year)/plant)
capacity industry-wide (vehicles/year)
annual capital charge per plant (dollars per plant/year)
annual capital charge per plant (dollars per plant/year)

o X =

5.3.1 Lagsand Lead-timesfor Vehicle Production Capital Investments

In principle we need to know the lag between the decision to invest in new vehicle production
capacity and the time at which vehicles can be produced. We would also need to know the
magnitude of up-front investment required per unit of capacity, by vehicle type. The actual
process by which investments are made over time and alternative fuel vehicle are produced is
undoubtedly complicated. Some vehicle types may require a simple variation in production line
setup (e.g. acohol FFV's), some may require a moderate investment in new equipment (CNG
vehicles), while others may require a protracted investment in a new facility (electric vehicles).
For a smplified model significantly less information is necessary.

The model can accommodate three types of production investments:

"Putty" investments are quick and flexible, essentially allowing variable short-run capacity.
For this type of production, the amount of capacity is assumed to vary smoothly
with the current level of production, and the per-unit capital costs can be rolled
into the variable costs.

"Durable Quick" investments can be made with no lead-time, but last more than one
period, and depreciate gradually. In this case the vehicle production "capacity" is
never strictly binding upper limit on output. However, investments will be made
only if the current and expected future profitability is adequate.

"Durable Lagged" investment are available for production only after a delay, which for
simplicity we take to be one period. In this case, current capacity can be a binding
constraint on output. Unit variable costs can be fixed or rise sharply as maximum
capacity is approached. These investments are made based only on the expectation
of future returns.
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Vehicle production capacity is treated as the last of these three capital types.

5.4 Dataon Vehicle Pricesand Characteristics

Manufacturers’ suggested prices for 1995 model year vehicles by manufacturer, division and
model are derived from Automotive News Market Data Book 1995, pages 63-67. The average
model price (Table 7) was derived using the average of the lowest and highest submodel type.
These were then weighted by model sales (pp 19-38) to arrive at the industry average car and
truck prices.

Table 12: Conventional Vehicle Manufacturers’ Suggested Retail Price and Sales Data
Vehicle Type $94 Vehicle Prices Vehicle Sales
(1995 models) (calendar 1994)
Small Autos $16,639 4,996,018
Large Autos $22,504 3,529,832
All Autos $19,067 8,525,850
Light Duty Cargo Trucks $16,423 3,285,223
Light Duty Passenger Trucks $21,424 2,782,984
All Light Duty Trucks $18,717 6,068,207
All Autos and Light Duty $18,921 14,594,057
Trucks
Source: Automotive News, 1995, pp. 63-67.

5.5 Used Vintaged Vehicle Valuation at Terminal Time

5.5.1 Motivation

Since the period of analysisin TAFV isfinite (years 1996-2010), care must be exercised to
properly treat the final period. In adynamic model certain decisions have long-lasting effects. In
particular, investments in durable capital influence capital stocks, prices, and profits for many
subsequent years. The dynamic model seeks to characterize the competitive decisions by firms

and consumers in making capital investments, which will naturally depend on the expected

revenue to be gained from that capital in subsequent years. Asthe model analysis loops over

years and approaches the final year in the finite horizon, some fraction of newly purchased durable
capital will be expected to survive past the terminal time. The problem is to specify the “terminal
value” or “final value” of surviving capital in the terminal period, so that the resulting private
investment decisions are reasonable and follow a smooth path in the immedeteting years.
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For vintaged capital stock such as vehicles, the terminal value problem is somewhat complicated
by the fact that each vehicle age will have a different final value, depending on its remaining life
expectancy and usefulness. The following sections briefly describe the theory and method used to
establish the final value of vehicle stocks. A more exhaustive treatment is included in Appendix 2.

5.5.2 Implied Valuation of Vintaged Capital Stock in Discrete-time Finite-Horizon
Dynamic M odel

Our objective is to exogenously specify the salvage value of vintaged capital stock (used vehicles)
in the terminal time period. We wish to be consistent with the underlying vehicle purchase
behavior in TAFV. To achievethis, it isfirst useful to see how capital stock isvaued by a
discrete-time finite time-horizon dynamic model. After stating the vintaged stock equations of
TAFV model formally, and computing the optimality conditions, (i.e., market equilibrium
conditions, see Appendix 2), we arrive the unsurprising result below. 1n each period, the shadow
value of capital stock V,.* isjust equal to the NPV of al remaining marginal use-value B’ , plus
the discounted salvage value F, ., 1., of any portion of the stock surviving until the terminal period.

T Ta+T-1)
? “ %a 2 (43)
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For vehicles, the marginal use value is comprised of the marginal benefit of vehicle services less
the marginal effective fuel costs. This used vehicle valuation is dependent on vehicle lifetime A,
discount rate 6, survival rates c,, and marginal productivity 1/x, (use rate for vehicles). Insum, a
dynamic, finite time horizon model (such as the TAFV) establishes an equilibrium value for
vintaged capital that reflects the discounted stream of remaining use values, plus the salvage value
of the remaining fraction of the stock in the terminal period, if any. Thus, if we knew the marginal
use value for vehicle stock in each year, we could pre-calculate the terminal salvage value for
stock of each age.

5.5.3 Equilibrium Annual Net Use Value for Capital

The previous review shows how a dynamic optimization model such asthe TAFV model
implicitly values capital of age a based on its discounted stream of annual use-values for its
remaining lifetime. 1n seeking to calculate exogenous salvage values for the model, we need
annual marginal-use values. Our problem isto avoid circularity: margina use values are
endogenous to the model, and will reflect any exogenously specified salvage values. Thuswe
need another tack to establish marginal use value, and thereby, salvage values. This section
derives an estimate of the stationary equilibriumannual use value for vintaged capital in terms of
initial capital cost. This annual use value estimate, in turn, is used to construct an estimate of the
equilibrium salvage value of vintaged vehicle stock. The estimate of equilibrium salvage value is
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used in the TAFV model for final valuation of the remaining vehicle stock in the terminal time
period. In the fully dynamic model, investments in each period are based on knowledge of capital
use-value in the current and all future periods. Our method of final valuation promotes smooth
and consistent vintaged-capital investment (vehicle purchase) behavior in the dynamic model, even
as the time approaches the terminal period. For the myopic (recursive period-by-period) solution
approach, investments in each period are based on current use-value and an expectation of
cumulative future value. Our method of vintaged stock valuation is also useful in the myopic
solution approach for constructing a myopic estimate of cumulative future vehicle use-value in
each period.

Efficient consumer behavior will lead to purchases of new vehicles up to the point where the
discounted stream of marginal use benefits for a new vehicle (net of fuel and operating costs)
equals the cost of anew vehicle. If the new vehicle cost is roughly constant, and if consumers
continue to purchase new vehicles, then this relationship will hold for every timet. Inastationary
model, we would expect marginal undiscounted use-benefits to approach a constant value. In this
case, Appendix 2 shows that equilibrium annual marginal use net benefits will adjust until:

B,-C, = S

3 e (44)

a=0 Ka

5.5.4 Exogenous Construction of Terminal Period Salvage Valuesfor Used Capital Stock

We use this steady-state estimate of marginal use value to construct terminal stock salvage values.
Substituting in the expression for “equilibrium” marginal use-beBéfilased on new vehicle cost
from equations (44), (135), we have an expression for the equilibrium value of used vintaged
capital stock in terms of its current age a, initial cost C,, future survival rates ¢, and future
marginal productivity 1/«

o

1

&% 5078 K,
V, = G (45)
> 5

a=0 Ka

5

All of these parameters are exogenous except vehicle cost, which varies with production scale.
We estimate exogenous salvage values using large-scale production costs. Note that the capital
survival rate o, and marginal productivity 1/x, (inverse stock-per-flow) appear together and could
be combined into a single age-related factor. For vehicles, this means that vehicle scrappage rates
and declining use-rates with age are largely interchangeable, at least in terms of vehicle valuation.
The resulting salvage value of vehicles, as a fraction of their original cost, is shown in Figure 8.
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Figure 8: Vehicle Survival Rates, Declining Use Rates, and Used Vehicle Value
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5.6 Data: Vehicle Production Costs Versus Production Scale

Vehicle production cost parameters are drawn from the data and accounting methodology in EEA

(1995). EEA believes that most, if not all, alternative fuel vehiclkbev‘derived” from gasoline
vehicles “in that they will use the same engine, drive train and body (except for electric vehicles)
as conventional cars.” (EEA 1995c: 1-1). Given these expectations, the necessary vehicle
components and their costs were identified for each size class and fuel technology. The
incremental costs were estimated compared to a conventional gasoline vehicle of nearly identical
interior room, features, and performance (within 10 percent). To the extent that vehicle ranges
will differ, the TAFV modelaccounts for range through non-price consumer cost terms in the
multinomial vehicle choice framework. Inthe TAFV model, and in the EEA analysis, vehicle
manufacturers are assumed to behave competitively, i.e. to charge a price that earns a normal rate
of return.

The EEA vehicle production costs were partitioned into incremental fixed (capital) and variable
costs for three different production plant capacities. The capital cost parameters for equation ?
were fitted through per-vehicle incremental capital cost for three plant sizes. The Table below
shows the resulting incremental vehicle production costs at those sizes, using the TAFV model's
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fitted parameters.

Table 13: Cost Data for Vehicle Production and Fuel Retailing

Incremental V ehicle Production Costs
(Capital and Variable, Compared to a Gasoline Vehicle)*

Plant Scale (Vehicles per Y ear)

Vehicle Type 2,500 25,000 100,000
Alcohol Dedicated $2,038 $363 $223
Alcohol Flexible $1,911 $409 $284
CNG Dedicated $5,349 $1,841 $1,548
CNG Dud $5,792 $2,015 $1,701
L PG Dedicated $3,745 $972 $741
LPG Dud $3,778 $1,109 $887
Electric Dedicated (1996) | $42,125 $11,060 $8,471
Electric Dedicated (2010) $29,627 $5,974 $4,003

* For large passenger vehicles. Note: these figures reproduce the estimated IRPE based on EEA’
accounting methodology, "Specification of a Vehicle Supply Model for TAFVM," Sept., 1995, p.1-2.
They differ slightly from some numbers in EEA’s Table 5-2.
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6.0 FUEL RETAIL SECTOR DETAIL

6.1 General Characteristicsof Retail Supply

The motor fuel retail supply module is designed to capture the cost of retailing the various motor
fuels. All fuels, except electricity, are assumed to be sold at commercial retail fuel outlets. Cost
estimates supplied by EEA are based on a convenience store selling 150,000 gallons of gasoline
per month with monthly operating costs of $27,334 of which $15,000 comes from non-fuel sales
(EEA, 19953, p. 1-1). Alternative fuel retailing capital and markup costs are calculated given
current and 2010 technologies assuming 50,000 and 25,000 GGE levels of station conversions
(see Table 14).

A key variable to be determined is retail fuel availability, %, the fraction of retail stations offering
fuel finyear t. If retal fuel availability for a particular fuel islow, then consumers will bear
additional travel time costs to refuel. Consumers, therefore, can be expected to tradeoff
additional travel time costs for refueling with higher per GGE costs for fuel. The retail sector is
designed to be able to accommodate this tradeoff by allowing fuel retailers to maintain additional
retail availability by increasing capacity in low volume fuels by bearing additional expenses equal
to the cost of spreading out the retail fuel infrastructure costs over alower output volume. Retail
fuel availability is thus endogenous to the retail model.

Table 14: Current Capital and Markup Costsfor Fuel Retailing*
Fuel Type Gasoline M85 E85 LPG CNG
Capital Cost @ | N.A. $162,040 $162,040 $259,719 $927,100
50,000 GGE
Capital Costs @ | N.A. $106,620 $106,620 $168,710 $761,814
25,000 GGE
Markup $/GGE | 0.082 $0.121 $0.121 $0.144 $0.418
@ 50,000 GGE
Markup $/GGE | 0.082 $0.133 $0.133 $0.162 $0.560
@ 50,000 GGE

*Source: EEA, 1995b, Table 1. Interest rate for added costs: 7.5%.
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Table 15: 2010 Capital and Markup Costsfor Fuel Retailing*
Fuel Type Gasoline M85 E85 LPG CNG
Capital Cost @ | N.A. $148,600 $148,600 $192,800 $876,400
50,000 GGE
Capital Costs @ | N.A. $99,875 $99,875 $135,300 $734,600
25,000 GGE
Markup $/GGE | 0.082 $0.118 $0.118 $0.128 $0.406
@ 50,000 GGE
Markup $/GGE | 0.082 $0.130 $0.130 $0.146 $0.547
@ 50,000 GGE

*Source: EEA, 1995b, Table 1. Interest rate for added costs: 7.5%.

There are some other important assumptions which characterize the retail sector. In particular,
fuel distribution capacity is added in variable quantities with a minimum installation requirement
of 16.67 % (one of six pumps) and priced to cover the full costs of capacity increment even
though capacity utilization may vary. It isfurther assumed that there is no lead time for capacity
expansion decisions since the time-step of this model is one year and retail capacity can be
expanded within that time period. Total retail capacity, once installed, remains in place subject to
depreciation. Thisfeature allows firms to build, and pay the consequence for, excess capacity. In
addition, the fraction of station capacity dedicated to each fuel is restricted to not increase or
decrease by more than 15% each time period. Retail capital costs are amortized into annual fuel
sales, and are not accrued at the time of installation. This assumption is consistent with assuming
that there are no excess or sub-normal short-run profits. Less than full utilization of capacity is
possible provided normal rates of return are achieved by increasing per-unit markups.

6.1.1 Full or Partial Utilization of Retail Station Capacity

As mentioned above, the retail model is specifically designed to allow for less than full utilization
of retail capacity. Thisfeature provides a mechanism to gauge the effectiveness of subsidies or
other policy levers which could promote availability and reduce the search and travel time of
refueling. In order to allow for partial utilization of retail refueling capacity it is necessary to
derive a relationship between retail fuel availability, o, (fraction of stations offering fuel f at time
t, e.g., station share), fuel demand shares, 6, (fraction of total demand for all fuels, provided by
fuel f) station capacity shares, 6y, (the fraction of each station’s pump capacity dedicated to fuel f)
the utilization rate of station capacity for fuel f, u,, the overall utilization rate of al stations
capacity, u,, the number of retail stations offering fuel f, N, and the total number of retail stations,
N, in any given year t. Asafirst step, retail fuel ability for fuel f, %, is defined by the following
expression.
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Oy N, (46)
Making the simplifying assumption that all stations are of equal fuel capacity, K, (on a BGE basis)
then the total retail capacity is given as: K?, = NKR.. Stations offering fuel f dedicate fraction 6,
of their capacity to fuel f. Thus, we know that the capacity for fuel f is given by:

N
Ky = Nth=tRetf - Tﬁ K0y = oK Ry (47)
t
Using this construction, one sees that 6,; should be interpreted as the average station capacity
share for fuel f. It isalso true that for fuel f, the relationship between retail capacity, K, and the
utilization of that capacity can be derived by noting the alternative definition of retail fuel
availability.*®
D
u o
o = —— (48)
Uy O
The equality of both expressions for cf]f can be seen letting g, be the chosen retail supply of fuel f
g, be the total quantity of fuel supplied, and by noting that:

utctl? B Z Uy thR Qs thR
- | ==L | 2t - (49
u > Ky

Oy G KtR
These aternate definitions for cf]f can be used to derive a cost function for producing fuel and fuel
availability (convenience). Let C; (6;) be the annualized cost per unit retail capacity ($/BGE) of
having 6, percentage of a station’s pumps dedicated to fuel f in year t. Accordingly, for total retail
supply of fuel f equal to g, (g, < KF,;) the total markup is derived below.
These relationships show the total retail cost of supplying quantity g, of fuel f in year t.

tf

R/ R R _ _ ut
C (th’qtf ’th’KtT) = &(ef)*Kﬁ_ &(ef) —

]qtf = C=tfR(ef) * Kt*etf*ct'? (50)
bt

This form of the cost function shows that total (and per-unit) costs increase as capacity for a fuel
exceeds its demand (third term from the left). Retail firms will adjust 6,;, 6%, K®;, and u, to
maximize their profit given demand for fuel and availability. Lessthan full pump capacity
utilization can occur provided that consumers demand fuel availability enough to compensate
retailers for excess capacity. It isassumed that all stations experience the same average
utilization.

23|t can be shown that this equation, along with the other constraint equations given below, insures that the
following condition ismet: ¥ off 6y = 1. This equation saysthat the sum of the retail availability of each fuel
f

weighted by the average retail capacity devoted to each fuel equals one.
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This formula is operationalized by taking into consideration a given reference fraction of pumps
dedicated to each fuel, , and a bench marking paramietérhe operational formula faotal
retailing cost for fuelf is given below.

“RYM
CRKROR) = KR 6
(K0 = KexCy| |, v tf (51)
ft

When the chosen fraction of pumps dedicated toffué‘i, Is equal to the reference functicﬁgR, :

then the operational cost function reflects the costs given in the reference data shown in Table 14.
The data in Table 14 give unit markup costs for two different levels of station conversions, 25,000
and 50,000 GGE per month. Hence, the benchmarking parametkich can be interpreted at

the price elasticity of retail supply, is derived from the data in based upon the data displayed in

high \ M
Table 14 using the relationship*" % = C{" , whezd'? s the unit cost associated
tf
with a conversion fractiort:)tr]l'gh , 0f 50,000 GGE and so forth. Solving this equation we derive
the relationship
. In(Cy" (™) &)
tf - :
In(eF /(6

It is also worth noting thper-unit retail costs are given by

cR KfCy CALDY

R = R ’ v t!f (54)
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By substitution, we get the following form which shows the explicit dependence of per-unit retail
costs on the level of capacity utilization.

R, AR
r  C, (6700
Co_ T vt (55)
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6.2 Retail Fuel Demand

Drivers have a demand for transportation services which can be met by a variety of fuel and
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vehicles. The demand for fuel arises from a demand for the benefits that the fuel provides. Fuel
demand, like the demand for any other good, is determined by the price of the good, the price of
substitute goods and a host of socio-economic factors. The price of afuel includes both the
purchase price (measured in GGES) and non-market price attributes. The most important non-
market cost associated with fuelsis the cost of availability. By availability cost we mean the cost
that drivers must incur in terms of travel distance and time to refuel.

In aworld with viable alternative fuels and vehicles some vehicles will be still dedicated to a
particular fuel type while other flexible, vehicles will be able to use one or both of two fuels.
Whether a dedicated or flexible fuel vehicle is purchased depends on the price of the vehicle and
the stream of expected fuel prices. With dedicated vehicles the quantity of fuel purchased
depends on its own price. With flexible fuel vehicles the choice over two competing fuels
depends on the relative market and non-market prices of those two fuels.

To model the cost of fuel availahility we follow the approach of Greene (1997) who models
availability using a random utility, binomial logit choice framework. Within this framework, the
value, or utility, that the jth individual receives from choosing fuel option i is given by

U, = A + BP + Cg(o) + g (56)

where A, are non-price attributes of the fuel (e.g., safety, smell, etc.), P, is the price of the fuel,
G(oiR) is the perceived retall availability of the ith fuel and g; isarandom error term. Theterm B
converts the market price of fuelsin to consumer satisfaction or utility and, hence, can be
interpreted as the margina utility of adollar. The log of the odds in favor of purchasing fuel
option 2 rather than fuel option 1 is given as'

| Prob,) B - P _
F{Probl] = A 1 (P, 1) +C(9(c,)-9(5,))- (57)

To determine what percentage of the time consumers would choose to use one fuel verses another
given different fuel prices and availabilities, Greene asked the following question in two national
surveys:

“Suppose your car could use gasoline or a new fuel that worked just as well as gasoline.
If the new fuel costs 25 (10/5) cents LESS per gallon but was sold at just one in 50 (20/5)
stations, what percent of the time would you buy this new fuel?”

The results from these surveys were used to estimate (57). In order to do the estimation, a
functional form must be chosen forsg( Greene estimated four forms: linear s)gf o,
exponential -g(c) =e™ , power - gf = ¢”, and logarithmic - Inf). The costs per gallon for
limited fuel availability using these different functional forms are shown in Figure 9 below.

“This result follows from making the standard assumption that the error term follows a type 1 extreme value
distribution, see Madalla, Chapter 2.
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Figure9: Costsof Limited Retail Fuel Availability
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Greene notes (p. 34) that it is not possible to definitively discriminate amount the alternative

functional forms, but that the exponential functional form fits the data best and behaves

reasonably over the whole range of fuel availabilities. Besides issues of fit, we have chosen to use

the exponential functional form because our intuition tells us that at 50% fuel availability (every

other gas station) the cost penalty ought to be small. For the exponentia functional form, the

cost penalty at 50% availability is 2¢ per gallon, the next lowest fuel availability cost is 7¢ per
gallon found using the logarithmic functional form. At 0.1% fuel availability the cost per gallon,
using the exponential functional form, is 35¢.

In the TAFV model, this cost of fuel availability is operationalized by using the following
expression for the total costs of availability &ach fuel.
R
o Q :
)La:oatrc for ¢ a retail process (c € Cr)  (58)
Cc

of
A, R _ Aref_ (G Otre) Ar
Ctrc(ctrc’atrc) - (Ctrc € _Ctrc

These costs are linear in the amount of each fuel retajledh@ level of activities of the retail
process). Her€ ¥ is the cost per gallon at the reference availakilfyand b is the elasticity of
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availability cost with respect to availability share. Subtracting C*¥ assures that the incremental
availability cost is zero at complete availahility (c=1). The relative frequencies of refilling due to
the differing energy densities of fuels and possible differing ranges is reflected by the ratio of
gallons per gasoline refill to the number of gallons of gasoline equivalent per refill with fuel c,

Rgaso/QRC'
6.3 Retail Constraint Equations

In order to operationalize the retail sector, a number of other equations and parameters are
necessary. For completeness, all of the equations and parameters for the retail supply section are
given below.

Fuel Outputs Equal Conversion Activity Levels
The quantity of each motor fuel retailed equals the level of the retail conversion process.

G = ag, V tf (59)

Output Must be Less Than or Equal to Capacity

Since retail station capacity istreated as a durable stock, the quantity of each motor fuel retailed
must be less than the current retail capacity. This alows retail capacity to exceed retail quantity
when cost of excess retail capacity is less than the value of increased fuel availability.

Qoo < Ky VEF,CeCrpr (60)

Total Retail Capacity
The total retail capacity equation tracks the retail capacity for all fuels, so that retail availability
for each fuel may be calculated.

KtrR =) Ktrz (61)

ceCprer

Retail Fuel Availability

The retail fuel availability equation determines the share of stations offering the each fuel, o, %,
from the fraction of capacity which is dedicated to the fuel of interest (K, VK,.) and the
endogenous conversion share, 6., for each station which offers the fuel.

R
R Ktrc

Owe = — g Vo trce Coy (62)
K. 0

tr Ytrc

Equation of Motion for Installed Retail Capacity

Aswith all non-vintaged, durable capital, retail capacity in year t+1 is equal to the surviving retail
capacity at the end of year t plus any new investments. Retail capacity is tracked by fuel type and
year.

K = Ky(1-8) + I, V t+1f (63)

t+1,f
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Retail Fuel Path Smoothing Equations
The retail fuel path equations help avoid radical variations in the modeled fuel retailing behavior.

The model chooses both the total capacity for each fuel and the degree to which that capacity is
concentrated in a few stations or spread over many stations. The average fraction of a station’s
fuel pumps which are dedicated to a given fuel type at each station that offers the, fusids
these constraints limits its variation to 15% per year:

0 0.856,. VCe& Coy

1156,, VC & Cuer

t+1,rc (64)

>
<
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7.0 WHOLESALE FUEL PRODUCTION AND
TRANSPORTATION

The production functions of the various vehicle fuels at the wholesale level differ in their approach
depending on the fuel type. The wholesale production of gasoline, natural gas, CNG and LPG are
based on mature technologies and are represented by variable elasticity supply curves. On the
other hand, the price of methanol can be expected to substantially change with the scale of
production. Wholesale methanol production, therefore, explicitly tracks the level of investment in
methanol production capacity. The cost of methanol production also varies with the price of its
feedstock methanol. The wholesale price of ethanol is strongly dependent on assumption about
the rate of progress in ethanol production technology and is expected to decline over time.
Electricity costs are set at the rate for industrial customers. The production technologies used
with each fuel are discussed below.

7.1 Fuel Feedstock Supply for Natural Gas, Ethanol, and Gasoline

This module is straightforward. Given supply (marginal cost curves) for gasoline, natural gas and
ethanol feedstocks (grain and cellulosic), a cost function associated with the supply of each is
easily constructed. The functional forms for supply curves are those used in AFTM, athough
constant elasticity forms could aso be used.

The feedstock supply parameters and data drawn from ORNL (Walsh, et al., 1997), EIA (1996a)
and Leiby (1993). In order to facilitate smooth supply paths and standardize across feedstocks,
aggregate feedstock supply curves derived from these sources were fitted to variable elastic
supply curves using the inverse form:

P =A+ B
i C_Qi

For each feedstock, variables A, B, and C were chosen optimally in order to minimize the mean
squared error between the original curves and the fitted curves. Given this functional form,
nonlinear and near-linear supply curves can then be fully characterized by three intervals: (P1, 0),
the price at which quantity supplied is zero, («, Q3), the quantity at which price is infinite, and
any interval along the supply curve (P2, Q2). Table 16 below shows the 1995 and 2010 supply
parameters for use inthe TAFV. Supply curves for years not specified below are interpolated by
the model.

(65)
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Table 16: Fud Supply Parametersfor TAFV ($94, millions bbl/day)

1995 Values

Fuel

P1

Q1

P2

Q2

P3

Q3

Natural Gas (bbl FOE)

10.001

0.000

11.505

1.687

10.592

Gasoline
(physical bbl)

22.495

0.000

29.123

7.038

238.013

Moderate Biomass
Ethanol (physical
bbl)

47.770

0.000

56.545

0.500

1.500

Moderate Corn
Ethanol (physical
bbl)

42.896

0.000

48.745

0.130

4.200

Optimistic Biomass
Ethanol (physical
bbl)

47.770

0.000

56.545

0.500

1.500

Optimistic Corn
Ethanol (physical
bbl)

38.021

0.000

44.358

0.130

5.100

2010 Values

Natura Gas (bbl
FOE)

13.399

0.000

14.903

1.687

10.592

Gasoline (physical
bbl)

31.723

0.000

39.184

7.893

238.013

Moderate Biomass
Ethanol (physical
bbl)

30.025

0.000

34.155

1.168

2.634

Moderate Corn
Ethanol (physical
bbl)

41.954

0.000

47.955

0.130

4.944

Optimistic Biomass
Ethanol (physical
bbl)

28.512

0.000

31.919

1.435

3.326

Optimistic Corn

35.016

0.000

41.986

0.130

4.837
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7.1.1 Gasoline

Wholesale gasoline supply curves are estimated from the AFTM model. Scaling the reference
demand for gasoline vehiclesin the AFTM base case from 20 to 160 percent of the reference
quantity generates multiple equilibrium price and quantity values. Since this resultsin shiftsin the
demand curves and movements along the supply curves, this approach reveals the underlying
AFTM supply curves for conventional and reformulated gasoline. The two gasoline types are
then combined to produce an aggregate 2010 gasoline supply curve and fitted to the variable
elastic supply curve form as described above. 1n order to replicate 1995 and 2010 AEO 1996
values, the supply curve is shifted up or down, thus maintaining its basic form while reproducing
AEO basdline estimates.”®> This approach assumes the basic shape of the 2010 AFTM supply
curve also appliesin 1995.

7.1.2 Natural Gas

Like the gasoline supply curves described above, natural gas supply curves for 1995 and 2010 are
derived from the AFTM base case. Varying the reference demand for CNG vehicles from O to
160 percent of the base reference demand level produces points along the 2010 supply curve for
natural gas. Subtracting boiler and retail natural gas quantities and using the prevailing wellhead
natural gas price produces the net natural gas supply curve to motor vehicles. The resulting net
natura gas supply curve is then fitted to the variable elastic supply curve form described above.
Like the gasoline supply curve, the resulting fitted curve was benchmarked to the AEO natural
gas-to-vehicles quantities and prevailing wellhead pricesin 1995 and 2010.

7.1.3 Ethanal

Ethanol price and quantity values for biomass and corn aggregate supply curves are derived using
the separate least cost aggregation across viable feedstocks. Biomass feedstocks include
switchgrass, short rotation woody crops, agricultural residues, refuse-derived fuel, hardwoods,
and softwoods. Corn feedstocks include corn used in new wet mill facilities, add-on wet mill
facilities, and new dry mill facilities. Feedstock supplies are characterized by intercepts, slopes,
and transportation and conversion costs as well as availahility constraints. These were provided
by the ORNL/DOE ethanol transition study.'® Aggregate supply curves are generated through
minimizing the total cost of achieving each aggregate supply requirements from 0.1 billion gallons
of ethanol up to the availability limit in increments of 100 million gallons based upon the
availability and costs of the feedstocks. The minimization problem for both aggregate feedstocks
is given below.

5 Wholesale conventional gasoline price data was provided by Stacy Mcintyre at the EIA. Light-duty vehicle

(less motorcycles) quantities were derived from The Supplement to the Annua Energy Outlook, 1996, Section D,

Tables 32, 34 and converted to millions of barrels per day from trillions of BTU’s per year using the appropriate
method.

8 The authors wish to thank Marie Walsh for her assistance in this area.
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N F
Min TC =Y Y [

Cla+B;Ca,)da + CTiq, + PG,

O\Q|

{qi} n=0 f=1
St.
feedstock limit contraint: q; < O (66)

|
©

F
aggregate supply constraint: Z o
f=1

nonnegativity constraint: gs > O

where:

g, = quantity of feedstock f (ethanol gallons/year) used in aggregate quantity iteration n
C; = conversion rate (dry tons/ethanol gallon)

o, = feedstock intercept ($/dry ton)

B = feedstock dope ($/dry ton)

T, = transportation cost ($/dry ton)

PG; = plant level conversion cost ($/ethanol gallon)

q, = feedstock quantity limit (ethanol gallons/year)

Q, = aggregate quantity (ethanol gallon/year) stipulated for quantity iteration

The resulting Lagrangian and partials are:
N F
£=2 D I

n=0 f=1

F
Cyla;+PB;Ci0y) da + CT Gy + PGy~ (e~ ) - (Pf(; Ot~ Qn) ~6¢(0y) ]
1

o —— 2

(67)
of _ [ Plant gate price
90, ¢ of feedstock f

The prevailing price of either biomass or corn derived ethanol for any quaiily sequirement

is then the accompanying shadow value of an additional unit of feedstock ($/gal). The plant gate
price of any feedstock is equal to the marginal cost of feedstock supply (feedstock, transportation,
and conversion costs) less the shadow values of the nonnegativity and feedstock limit constraints.
The plant gate price is equal to the marginal cost of feedstock supply if and only,ik@g; g

which implies that a nonnegative feedstock quantity is optimal and desired, and that a feedstock
quantity is not at its limit.

) = ¢ = Cylog +BC0) + CT + PG~ - &

The resulting ethanol supply curves are then fitted to the variable elastic form described above.

" Further documentation can be found in Methodology for Constructing Aggregate Ethanol supply Curves
(1997) and Evolution of the Fuel Ethanol Industry: Feedstock Availability and Price (1997).
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The 1995 supply curve was extrapolated back from the generated 2000 -2015 supply curves.
7.2 Methanal

Wholesale methanol production costs are derived from a DOE study (U.S. DOE, 1989). Cost are
representative of a standard 2,500 MTPD and an advanced 10,000 MTPD plant producing fuel

grade methanol. Consistent with the TAFV model's approach to requiring sunk investment to
produce service flows, methanol production costs are broken into variable and sunk components.
Variable cost components, that is costs that are only incurred on a per-unit basis when used,
include natural gas and non-gas operating costs. The cost of natural gas is determined
endogenously within the model via the natural gas supply function. Sunk costs include the cost
per unit of methanol capacity and are borne regardless of the level of production. This feature
allows for the existence of costly, excess methanol capacity.

The natural gas supply function, non-gas operating and capital costs assume domestic gas
production and costs of capital and construction. In particular, methanol production is assumed
to occur at “category 1" sites that are already developed with access roads, readily available
electric power supply and other industrial infrastructure in place (U.S. DOE, 1989, p. 5). Natural
gas costs at category 1 are relatively expensive. Non-gas operating and sunk capital cost for the
2,500 and 10,000 MTPD are shown in Table 17.

Table 17: Wholesale M ethanol Production Cost Parameters (1994 $)
Capital Capital Non-Gas Non-Gas Output
Operating Operating
Million $ | $ per Barrel | Milion $ Per| $ per Barrel Million Barrels
Year Per Year*
Site 1 - Standard | $303.52 | $45.89 $29.95 $4.53 6.61
Scheme, 2,500
MTPD
Site 1 - Advanced $782.32 | $29.57 $84.07 $3.18 26.46
Scheme, 10,000
MTPD

Source: Derived from USDOE 1989.

*Qutput per year assumes 8000 hours of on-stream time.

7.2.1 Implied Annual Capital Charge for M ethanol Capital Stock
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Methanol production facilities are treated as unvintaged capital stock. The cost of unvintaged
capital isimposed as alump-sum initial charge at the time of investment. Due to the depreciation
of capital and the discounting of future use benefits, there is an implied capital charge that is borne
by each unit of production.

Inthe TAFV mode, financial flows are discounted with an annual discount factor 6 = 1/(1+r), and
each year the fraction y of the unvintaged capital stock is scrapped. In a steady-state equilibrium,
with capital stock fully utilized, the net present value of implied annual capital charges C will
equal the original investment cost C,:

C, = X_CI8*(1-vyy" (69)
=0
The capital chargerater, isthe ratio of the annual capital charge to the initia investment cost:
CK
r, = —
K Co
_ 1 _ 1 (70)
- T T - 1- ’
PIRAEEINDD ( —Y)
=0 =0 1+r

(Thisresult is shown in the appendix for the case of an infinite lived vintaged stock with a
constant scrappage rate). Solving for the infinite sum in the denominator yields:

o \ 1+r 1_ﬂ r+y

1+r (71)

_ Iy
1+r

rK
Using this relationship, we can choose to a scrappage rate such that the capital charge rate used
by in the US DOE (1989) report is consistent with the charge per-unit of capital used in the
TAFV model. Solving the above equation for the scrappage rate yields.

y = (1+0)r - (72)

In the USDOE report the capital charge rate is 20%, and in the TAFV model, all costs and
benefits are discounted at a 10% discount rate. This means that the scappage rate, y, should be
Set to be 12%.

7.3 Fuel Trangportation and Distribution Markup Costs

Asisshownin Table 18 below, the cost of transportation and distribution for fuels used in
TAFV. The estimates are in barrels of gasoline equivalents and account for all transportation and
distribution costs from the production facility (plant gate) to the retail outlet. 1n addition, LPG
and CNG include the cost of conversion from natural gas.
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Table 18: Transportation, and Distribution Costs ($94/BGE)
Y ear 1995 2010
Gasoline 1.54 154
E85 2.35 2.35
M85 2.95 2.95
LPG 22.30 28.17
CNG 7.59 7.59

Transportation and distribution costs for ethanol and gasoline are from the Assessment of Ethanol
Infrastructure for Transportation Use, NREL, 1991. These include rail, pipeline, barge, and
truck costs. In thisreport, the cost of E85 is calculated assuming equal densities between ethanol
and gasoline and dlightly higher transportation costs on a physical gallon basis. Methanol costs
are estimated by applying ethanol costs on a physical gallon basis to methanol. The lower BTU
content of methanol relative to ethanol results in higher M85 costs on a BGE basis.

LPG transportation and distribution markups are calculated as the difference between the
wellhead price of natural gas and the industrial price of LPG as given in the AEO96. It is
assumed that the cost of converting natural gasto LPG isimbedded in these costs. The
transportation and distribution costs of CNG are based upon the historic difference between CNG
citygate and LPG wellhead (Natural Gas Annual, 1995) and also include the cost of conversion.

7.4 Conversion and Efficiency Assumptions

Alcohol FFV vehicles are assumed to gain 1% in efficiency when using alt
fuel. Thisisreflected in conversion of alt fuel (i.e. E85 & M85) to
aggregate FFV fuedl (e.g. MTHG).

Alcohol use in Dedicated AFV's assumed to gain 5% in efficiency (See B. McNutt
memo to B. Massell, DOE, 8/13/93).

All final transportation fuels are converted to BGE based on their lower
heating value.
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8.0 MODEL VARIABLESAND SOLUTION
METHODOLOGY IN DETAIL

The section presents the variables and equations used in the TAFV model version 1.0. As
described above, the TAFV model is build around the concept of a competitive market for
transportation services. A competitive equilibrium occurs when private marginal consumption
benefits equal private margina production costs (i.e., those quantities where supply curves and
demand curvesintersect). The TAFV model equate the demand for transportation services by
private consumers and fleet owners with the supply of transportation services available at different
prices. Price responsive supply and demand functions, conversion processes, and nested
multinomial choice behavior are represented.

8.1 Summary of TAFV M odel Notation

Define the following subscripts or indices:
t indexes Time periods
t, First historical period
i Initial forecast period
Last period
of commodities (fuels and vehicles, etc.), which are produced or consumed.

om sl

£—|

f Indexes commodities, f ¢ F

Favie Subset of commodities including Non-Motor Fuel commodities, Fy,,- c F

Fur Subset of commodities including Motor Fuel commodities, F,- c F

Fuv Subset of commodities including Motor Vehicle services, F,,, c F

Fsy Subset of commodities including composite (aggregate) commodities,
which are composed of a variety of SWitchable (substitutable) inputs, Fg,
cF

C Set of linear (fixed input-output coefficient) conversion processes

c Indexes Conversion processes, ce C

Csv Subset of processes tracking SWITCHABLE inputs to commodity choice
function, Cg,, c C

Cuwv Subset of processes producing Motor Vehicle services, C,,, c C

Cour Subset of conversion processes using DURable capital stock, Cyrc C

Coury Subset of DURable conversion processes using Vintaged capital stock,
Courv €Cour

Couru Subset of DURable conversion processes using Unvintaged capital stock,
Couru <Cour

Cournew Subset of DURable conversion processes using New capital stock,

Courewes C

Cyprop Subset of conversion processes for Vehicle PROduction, C,prop <Cpur
Crer Subset of conversion processes for motor fuel RETail, Coer <
C, Set of processes yielding substitutable inputs for composite (aggregate)
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commodity g (establishes correspondence between aggregate Switchable
output good and conversion processes yielding substitutable inputs.) C, <
Cfor al ge Fg.
C Set indicating the conversion process that yields the first (numeraire)
Switchable input for composite good g (usually the conventional vehicle or
fuel). C,'eC,

R Set of supply, demand regions
rp Index supply, demand regions
a Indexes age of vintaged capital equipment O< a < A

8.2 Model Objective Function

The objective function is a measure of net national social surplus from transportation services.
Absolute levels of the objective function do not have much meaning since it is not possible to
know the total value of transportation services in the United States. Changes in the objective
function, however, do present meaningful estimates of the net costs and benefits of potential
policies relative to a base case. The objective function is composed of the discounted sum of the
individual period contributions to net benefit (N,,) for time periodst and regionsr, plus the final
period valuation of durable capital stock (F;,"):

N(d,sax) = Z(isth + FTT] (73)
t=0

r

8.3 Single Period Net Benefit Function

The single period net benefit functions, for each time t and region r, is comprised of the benefits of
consumption demand BP minus the costs of the chain of activities necessary to provide
consumption goods. Those cost include raw material supply costs C¥, conversion costs C<, long-
lived capital costs C¥, retailing costs C®, transportation costs (T per unit), sharing or diversity
costs C* for substitutable fuels and vehicles, fuel availability costs C* and the costs of limited
vehicle diversity, CY. The effects of tax incentives, t, are also included. Using the following
notation,

B° Benefits from demand/consumption and costs from raw material supply

C"  raw material supply costs

C®  conversion costs

unvintaged durable capital investment costs

cK . .
vintaged durable capital costs
CR retalélul‘;]ng costs »

T transportation costs (T per unit),

Cs sharing or diversity costs for substitutable goods (fuels and vehicles)
C*  limited fuel availability costs

C'P  limited vehicle diversity costs

CYP  vehicle production plant capital costs
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the single period net benefit measureis:

N, = { Xf: [Btr?(dtrf)_ctr’\f/l (Strf)] B Z Ctriarct

| VP R R
- Z Ctr}f:(ltrC’Ktrc) - Z Ctrc(ltrc) - Z Ctrc (Ktrc’ntrc) - Z Ctrc(Ktrc’etrc) (74)

ceCpyry ceCpyry ¢Cyprop 0eCper
- Z Z Tfrpxtfrp - Z Ctrsg(qtr(;) - Z Ctﬁ:(csc) - Z Ctr\{:D(ntrc) - Z Ttra‘trc}

fop geFgy ceCper ceCyprob c
Here the variables are:

dys Sis demand and supply quantities for fuel f inregionr at time't

Qe activity level for conversion process ¢

Xigor shipment of fuel f fromregionp tor

Chrg composite (substitutable) goods quantity for composite good g

'trcR investment in durable equipment for process c

Otrc retall availability for fuel retail activityc = = _

Oyc retail station pump share for fuel retail activity c, inregionr
parameters or inputs:

A, commodity f output (input) per unit process c

C. process ¢ unit conversion cost, inregion r

Tor unit cost of shipping commodity f fromregionp tor

O™ retail station minimum pump share for fuel retail activity c, inregionr

Tyre taxes

O, discount factor inyear t, i.e. 1/(1+r)"

Each of the above general functions can be further broken down into their individual components.
In most cases these components are given below in the functional form as used in the computer
code.

8.3.1 End-User Consumption Benefits

End-user consumption benefits are measured by consumer surplus, assuming an isoelastic demand
curve. For smplicity, the quantity of transportation services demanded d(p) is assumed to have

the following isoelagtic form: d(p) = d,(p/p,) *, where d, is the reference quantity of

transportation services demanded at the reference price p, and ¢ is the price elasticity of demand

(defined positively). Consumer surplusis calculated as the area under the inverse demand (or
1

marginal benefit) curve D,;*(q), or using our functional form: p = po(d/do)i. Integration yields
the following expression for consumer surplus

dtrf 1
D
btrf

Bur(dy) = [Po(did) *= Agidyi” - &7 (75)
0

-1
g

where Ay = p(U(—=—+1))-q,%, and by, = (-Ve + 1), and ¢y, isaconstant of integration.
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8.3.2 Raw Materials Supply Costs

Raw material supply costs are measured by producer costs given by the integral under the
inverse-supply (or marginal cost) cui§ig*. The marginal cost curve used implies a variable-
elasticity of supply:

Strf
Cur(S) = [Sur(@)da = agisbigIn(Cyi-s,) (76)
0

8.3.3 Conversion Variable Costs

Conversion variable costs are linear in the level of aciyjty
C
Ctrc(atrc) = gt(:(:a‘trc (77)
8.3.4 Retail Mark-up Costs

Retail mark-up costs are explained in detail above.

o |"
Ctrz(Ktrc’etrc) =K —C] YV Cce CRET (78)

tre==

CR
¢l 6

trc

HereCis the cost per unit retail capacity, when fuel capacity is installed at each station at the
reference fraction of pumpg, . When the installation fractjois lower than the reference

level, costs per unit retail capacity are higher according to the elagficifgetail motor-fuel

markup is handled separately to account for possible uiideatign of retail capacity for new

fuels. Retail capaciti{, " is treated as durable or quasi-fixed, and evolves with new investment
and scrappage like other unvintaged capital.

8.3.5 Trangportation Costs
Transportation costs for each origin-destination pg#) @re the unit transportation coSig,
times shipment quantity

Tfrp thrp
8.3.6 Durable Vintaged Capital Stock (and Investment) Costs - Annual Capital Charges

Durable vintaged capital stock costs include an up-front costs at investmerg tiraed
alternativelymay include a unit-chargeg ~, (called “STKCHARGE?”) for each unit of investment
and installed capital. No adjustment costs are imposed.

Ctr}ft(ltrc’Ktrc) - Itrcg + K CCK vV Ce CDUR’V (79)

tre=
8.3.7 Durable Unvintaged Capital Investment Costs

|
c
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Durable unvintaged capital costs may be applied as alump-sum charge, C.', at the time of
investment. An adjustment cost factor may also be imposed to increase the unit investment cost

at higher rates of investment, by specifying a non-zero value for C*. Adjustment costs increase as
investment approaches the specified maximum investment quantity, I,.,™. The genera formis
given below.

I
1+CCA trc
max
(I C _I trc)

I
Ctrc(ltrc) - Itrcg Ve e CDURU (80)

|
c

8.3.8 Vehicle Production Plant Costs
(Total Vehicle-Type Specific Durable Capital Costs)

Total incremental capital costs for vehicle production capacity are calculated here. Since marginal
capital costs depend upon the scale of each vehicle production plant, the incremental capital cost
calculation is a function of total industry capacity (K,.) and the number of vehicle models/plants,
N,.. The minimum incremental marginal capital costs, P,™", occurs for very large-scale
production, and marginal capital costs are greater for lower scale (lower K/N) according to the

parameter B
( I:)Cmin Ktrc N BZ"‘{ Ktrc ] )
1.151<CNtr . 1.151<CNtr .

Cye = N
B [Pmin sz K:m ]] . p NumMOD 1
Cc

trc trg|
! B ¥ ¢ € Cippop
1.15¢ 1.15¢ 1000

C C

These are the incremental costs of plant capital specific to vehicle type c. Variable and
non-incremental (generic) capital costs are captured in the conversion cost terms. Note that total
vehicle production stock K is divided by 1.15 to convert from maximum production capacity to
rated capacity, since the cost functions are specified in terms of rated capacity. K.™" isthe
minimum plant capacity for vehicle type ¢ (which equals the minimum industry capacity since the
minimum number of plantsis one).

The division by 1000 is needed because vehicle capacity and production are measured in millions
of vehicles, and costs are measures in billions of dollars. Non-incremental variable and capital
vehicle production costs are represented as conversion variable costs (for the conversion
processes associated with vehicle production).

8.3.9 Utilization and Sharing Costs (For Vehicle and Fuel Choice)
“Sharing costs” may occur for all composite commodijieis order to account for the value that
consumers give to a diverse mix of input alternatives. This value derives from the underlying

random-utility choice model and tlaecounting for non-price attributes in each consumer’s
discrete choice between vehicles and fuels. The form used for such sharing costs is given below.
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Sw

CtrS = XI:: Ctrsg
Strf

C C 1 * .
CorglGhrgSg) = qtrg( —B—] Y Ir{ ] s, for s, equal price shares

o) "< Fol | Su (82)
- qtfg( —i) > |In —a"{q“g at— vge Fgy
g/cely Strgc qtrg

8.3.10 Retail Fuel Availability Cost

Retail fuel availability cost to consumers represents the effective cost when motor fuels are not
available at all stations (reflects expected inconvenience and incremental travel effort). Retail fuel
availability is an endogenous non-price fuel attribute)
R
o« Q :
)La:oatrc for ¢ a retail process (c € Cry)  (83)
Cc

of
A, R B Aref_b(cy,. - Opre) Ar
Ctrc(ctrc’atrc) - (Ctrc e " _Ctrc

These costs are linear in the amount of each fuel retailed (a,., the level of activities of the retall
process). Here C*¥ isthe cost per gallon at the reference availability ¢, and b is the elasticity of
availability cost with respect to availability share. Subtracting C*¥ assures that the incremental
availability cost is zero at complete availahility (c=1). The relative frequency of refilling (due to
differing energy density of the fuel and possible differing range) is reflected by the ratio of gallons
per gasoline refill to the number of gallons of gasoline equivalent per refill with fuel ¢, Q% ./Q"..
This equation is consistent with aretail fuel availability unit cost of the form U(0)/p €.

8.3.11 Limited Vehicle Model Diversity Costs

The choice among vehicles types is also influenced by the diversity of vehicle models offered in

each fuel-type/size class. Model diversity is measured relative to conventional gasoline vehicles.

The effective cost of limited diversity is afunction of the relative number of models, N,

produced for each fuel type, c;., compared to the reference number of models offered in the
conventional (gasoline) type, N, This effective cost of diversity is another component of the
consumer’s valuation of the non-price attributes for each vehicle type. These diostewf
diversity are treated as added production costsdwmivehicles. They correspond to endogenous
changes in the non-price attributes of vehicles in the multinomial logit choice.

N

Ctr\ftD(Ntrc’atrc) = ( KO[; In(ﬁ)] aTrc Vce CVPROD (84)
gFtrg trg

We know that I, /N,,) is the utility change associated with vehicle diversity. We want to

convert (84) to dollars, so we need the corfethe marginal utility of dollar). Th for vehicle

services choice is measured in units of marginal utility per dollar of vehicle services (BGSE), this

marginal utility needs to be adjusted by the stock-per-flow paransgte,convert vehicle
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services to vehicles. After making this adjustment to 8 yields the right units for effective cost in
dollars per vehicle, not dollars per BGSE. The marginal utility of dollarsterm 3 is in utils per
1000 per vehicle, hence unit costs are in $1000 per vehicle. Since vehicles are measured in units
of millions per year, total costs are in billions of dollars per year.

8.3.12 Taxesand Financial Incentive

Taxes and subsidies are associated with conversion processes. The costs of taxes are atransfer,
and will be rebated to country’s net benefits in the ex post solution reports They are included
because they affect the market outcome. Taxes are represented as positive values for 1, and
subsidies are negative (t,. < O promotes activity a,.):

% TircBre (85)

t

8.3.13 Final Value

The final value is estimated for accumulated vintaged and unvintaged capital in the terminal time

period T. For unvintaged capital, the history of investments is scanned, and the appropriate

scrappage rate for each year’s investment is applied. The remaining unvintaged capital and the
current investment in unvintaged capital are valued at their (exogenously estimated) future use
value,V;,.”. The installed base of vintaged capitad the current investment expected to survive
to theend of the last period is valued at the (exogenously estimated) future use value for capital
of agea (V;,,."). Since the current use-value of vintaged and unvintaged capital during final
periodT is included elsewhere in the model, the final value accounts for use-value starting at the

end of periodl. Hence, one extra period of discounting is applied.

Future value for accumulated vintaged and unvintaged capital by age and type

-
K s v s v .
I:Tr - 6T Z (Z Irrcr(Tr+1)cVTr(Tr)C] ' 6T Z (KTrcVTrc+|TrcVTfC> (86)

ceCpyry \ =0 ceCpuru

wheres.® is the discount factor for the salvage period (one period after final peridg. ©) the
multiperiod stock survival rate to ageandV';, .., is the salvage or future value per unit of
vintaged stock of age (T W, is the salvage value per unit of unvintaged capital stock.
8.3.14 Calculation of Future Use Value

Future use value for vintaged and unvintaged capitg]( andV,.") is calculated based on the

cost of new investment and the discount and scrappage rates. This approach implies that the
discounted stream of annual use values will, in equilibrium, equal capital costs.

8.4 Model Constraints
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The objective function above is maximized subject to materials balance, capital accumulation,
shipping and other constraints. These constraints are given below.

8.4.1 Supply-Demand Balance Constraint

The supply-demand constraints require that price-sensitive demand and non-price-sensitive
demands are equal to the price-sensitive and non-price-sensitive supplies in each region plus net
exports.’®

dtrf < Stﬁ‘xog B dtrixog + Strf + ZAfcatcr + Z (thpr_xtfrp) v f’r’t (87)
¢ p

8.4.2 Aggregate Output from Switching Processes
The aggregate output from switching processes is sum of conversion process activity levels for al
Switchable inputs to composite good HSW (SWTOTE):
C —
qtrg - Z Qe (88)

Cng

8.4.3 Maximum Share on Conventional Vehicles

The maximum share for conventional inputs into choice process is an optional constraint which
can limit the choice of gasoline or conventional vehiclesin region r for all periodst
(SWMAXSHREQ):

D 8y < Oy g (89)

1
Cng

8.4.4 Unvintaged Durable Stock Equation of Motion (STKUEQ)
The age of unvintaged capital stock is not tracked. Nonetheless, the level of unvintaged durable
capital is determined by applying a single, constant scrappage rate for each capital type and adding
and new investment I,

K(t+1)rc = Ktrc(l_yc) * Itrc vV O<t< T’ r,ce CDURU (90)

8.4.5 Output Capacity Constraint for Unvintaged Capital (STKUTY PEEQ)
The total unvintaged stock type equation requires that there be enough equipment to satisfy
durable equipment services demand.

atrc < Ktrc/Kc v t,l’,C € CDURU (91)

where k. is the amount of capital stock required per unit of operational capacity.

8.4.6 Vintaged Stock Total Equation (STKVTOTEQ)
Some processes (e.g., those choosing fuel use for existing vehicles) can only use old vintaged
capital. The vintaged stock total equation sums up all used stock in each year for each process.

8Non-price-sensitive demand includes the level of fleet vehicle transportation services demand. This demand is
not-price sensitive since it is set exogenoudly by palicy.
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T
Y Ol = Kee V¥ tr.ce Courv (92)
=0

Where a,, is the fraction of capital investment from year T which is remaining and available in year

t. (Fort>r, a,, isthe stock survival rate to age t-t, and a,, =0 for t<r).

8.4.7 Use of New Investment in Vintaged Stocks (NEWUSEEQ)

For some processes (e.g. those associated with new vehicles) the use or activity level is equal to
level of new investment. The set of processes requiring the use of new capital (vehicles) is called
CDURNEW. For each of those processes, the type of new investment required is indicated in the
set association “CDURNEWOLD.”:

trc
Qs = Y =V ceChupw (93)
ceCoumenop  Kec
where each processusing vintaged durable capital is associated with a pracgssugh the
associatiorC, menolp- T hiS constraint is necessary to assure that new vehicle services are tied to
new vehicle purchases.

8.4.8 Output Capacity Constraint for Vintaged Capital (STKVTYPEEQ)

The maximum conversion activity level (output) from processes using vintaged capital must be
less than or equal to the remaining amount of installed capital after accounting for declining use
rates and decay.

T
aTrc < z(;(Ptrlrrc/Kc v t,r,c € CDUI‘-\’V (94)

The parametep,, is the effective amount of capital purchased in yghat remains available in
year t, accounting for scrappage and reduced use withkagethe amount of newapital stock
required per unit of operational capacity.

8.4.9 Stock Growth Limit Equation (VPSTKLIMEQ)
Some processes (e.g. vehicle production capacity) have annual limits on their rate of expansion,
r™

Kire € (1@ )Kye ¥ € € Cippop (95)

trc

8.4.10 Vehicle Production Plant Size Minimum Equation (VPSTKMINEQ)

The vehicle production plant size equations require that vehicle production plants (total industry
capacityK,. divided by number of model,.) be at least of a minimum size at a plant-level of
analysis.

Ktrc 2 Lr:inNtrc virce CVPROD (96)
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8.4.11 Vehicle Production Plant Downsizing Limit (VEHPLANTSZ)
The vehicle production plant downsizing equation constrains plant size reductions to the plant
scrappage rates. This prevents vehicle manufacturers from subdividing plants to produce more
models.

K

n

K
t+1,rc 5 _tre (1_Yc) A r’C‘SCVPROD tzto (97)

t+1,rc trc

8.4.12 Motor Fuel Retail Constraint (RETKFE)

Determine the capacity to retail each motor fuel type from the stock of the associated retail
(durable) conversion process. Intheinterest of calculating retail station costs, we track a variable
for retail station capacity K, X (“‘RETKF”) distinctly from general durable stock capadity.
(“STKTOTAL"):

R
Kre = Kye V' €€ Coer (98)

Note: Since retail station capacity is treated as a durable stock, the stock type equation
(STKUTYPEEQ) assures that the quantity of each motor fuel retailed must be less than the
current retail capacity. Retail capadity.” is treated as durable but has a high rate of turnover.
In theory, retail capacitgould exceed retail quantity, in the case where the cost of excess retalil
capacity is less than the value of increased fuel availability.

Qoo < Ky VEF,CeCrpr (99)

8.4.13 Total Retail Capacity (RETKTE)
The total retail capacity equation tracks the retail capacity for all fuels, so that retail availability
for each fuel may be calculated.
R R
Ktr = Z Ktrc (]_OO)

CeCprer

8.4.14 Retail Fuel Availability (RETSHAREE)

The retail fuel availability equation determines the share of stations offerieg¢héuel ¢, .~ or
“RETSHARE?”) from the fraction of capacity which is dedicated to the fuel of intekgst/K..)
and the endogenous conversion shéeyedr “RETTHETA”) for each station which offers the
fuel.

R
R Ktrc

Owe = — Vo tr,ce Cuy (101)
K. 6

tr Ytrc
8.4.15 Retail Fuel Path Smoothing Equations
The retail fuel path equations (RETSMOOTHL and RETSMOOTHU) help avoid radical
variations in the modeled fuel retailing behavior. The model chooses both the total capacity for

each fuel and the degree to which that capacity is concentrated in a few stations or spread over
many stations. The average fraction of a station’s fuel pumps which are dedicated to a given fuel
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type at each station that offersthe fuel is 6, (variable RETTHETA), and these constraints limits

its variation to 15% per year:
0
0

0.856,, VC & Coer
1.150,, VC & Coer

t+1,rc

AN

t+1,rc

8.5.16 Concise Statement of TAFV Model Equations

Model Optimization Problem: The Dynamic Objective Function (OBJ) measures multiperiod

(102)

world net social surplus. This includes the discounted sum of the individual period contributions
to net benefit (N,) plus the terminal period valuation of durable capital stock (B,X). The Dynamic
solution approach find the perfect-foresight competitive equilibrium by maximizing the discounted

multiperiod socia surplus:
T
max N(d,sax,l) = max Z(ZStNU + FTf)
d,sax|l dsax! r t=0

subject to the following constraints:
Supply-demand balance

dtrf < Stﬁ‘xog+strf + ZAfcatcr + Z(thpr_xtrpf) v f!r!t
¢ p

Summing up of substitutable inputs for composite goods
qtrcg = Zatrc v gG CSN
Cng

Capital stock evolution
K(t+1)rac - Ktrac(l_yac)ﬂtrc vV 0<t<T, 1, a=0, c e CDUR

Total Stock Type Equation

A
aTrc < ZKtrac/Kc v t,l’,C € CDUR

a=0

Stock Accounting equation

A
tot
Z Ktrac = Ktrc v t,l’,C € CDUR

a=0

Set maximum allowable initial vintaged capital stock, for all ages

A
INIT
> Ko < K vV race Cyyp

C
a=0

(103)

(104)

(105)

(106)

(107)

(108)

(109)

Initial age distribution (minimum initial stock for each age) of vintaged capital equipment

TOT
Orc \llac

K > K

Orac
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Quantity of each motor fuel type retailed
Chre = 8y, V C€ Cp

Retail quantity constrained by retail capacity

R R
qtrc < Ktrc v '[,I’,C € CRET
Total retail capacity tracking
R R
Ky = Z Kirc
CeCprer
Retail availability
KR
Ope = ——— ¥ t1,C€ Cpg
K, ©

tr Ytrc

Final valuation of terminal capital stock (Dynamic Model)

A
K
BTr - 8T Z Z KTracVTrac + ITrcVTrlc

ceCpur a

7

(111)

(112)

(113)

(114)

(115)
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APPENDIX 1: SYMBOLSAND NAMESIN GAMS CODE

Indices

QO =

Variables

Sets Meaning

T time period (year)

H commodities (fuels, vehicles)
HSW substitutable commodities

C conversion processes

AGE age of vintaged durable capital
I regions

SUPPLY (T,I,H) supply quantities
DEMAND(T,I,H) demand quantities
STKTOTAL(T,I,CDUR) stock totals
STKV(T,I,AGE,CDURYV) vintaged stock

INV(T,l,CDUR) investment

CONV(T,I,CDUR)
RETSHARE(T,|,CRET)
RETKF(T,!,CRET)

RETKT(T,I)
RETTHETA(T,|,CDUR)
NUMMOD(CURRT,|,CVPROD)

STKDATA(“STKPERFLOW”,CDUR)
RETDATA(“RETPUMPREF”,CRET)
RETDATA(“RETPUMPCST”,CRET)
RETPUMPELS

STKAGEPCTi

CPRO(H,C)

UTC(H,1,J)

SHIP(T,H,1,J)
SWOUTPUT(T,|,HSW)
STKVSCRAPR(AGE,C)
STKUSCRAPR(C)

CCST(T,I,C)

DEMA(T,1,H)

DEMB(T,I,H)

DEMC(T,I,H)
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conversion levels

retail fuel availability

total retail fuel capacity for fuel f

total retail fuel capacity

fraction retail capacity dedicated to fuel f
number of models



Parameters
W

trac
trlc

trc

(Pt‘r

rKc

®
Btrg

SUPA(T,I,H)
SUPB(T,I,H)
SUPC(T,I,H)

STKDATA("STKCHARGE",CDURV)
STKDATA("STKCOST",CDURU)

STKDATA("STKADJCST",CDURU)

STKDATA("STKADIMAX",CDURU)
VPDATA("PMIN",CVPROD)

annualized charge per unit capital
up-front capital cost per unit
investment

adjustment cost factor for
unvintaged stock only

max new investment rate
minimum incremental capital costs
for vehicle production

VPDATA("PSLOPE",CVPROD)

RETTOURLEN

RETSHARE(CURRT,I,CRET)

RETDENSITY
RETTRAVCST

RETFUELDAT("REF-FILLQ",CRET)

FUTUREVV(T,I,AGE,C)
FUTUREVV(T,1,"1",C)
FUTUREVU(T,I,C)
STKVUSER
(CURRT,T,CDURV)

STKDATA
("EXPRATE",CVPROD)
STKAVAILR

STKDATA
("STKMIN",CVPROD)
DISCFACT(T)
DISCSALV(TLAST)
STKVSURVIR
(AGE,CDURV)
CVEHDIVADJ
SWBETA

Final value per unit vintaged capital of age a

Final value per unit vintaged capital of age 1
Final value per unit unvintaged capital

Effective number of vehicles purchased in year t
which survive to year t (accounting for scrappage
and declining usage with age).

Max expansion rate for vehicle production
capacity

Fraction of capital investment from yeawhich

is remaining and available in year

Minimum vehicle production plant size

Period t discount factor
Discount factor for salvage period (final T+1)
Multiperiod stock survival rate to age a

Parameter rescaling vehicle model diversity costs
Marginal utility of $(income) in MNL choice
function for good g

APPENDIX 2: TREATMENT OF VINTAGED CAPITAL
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STOCK

This appendix develops the theory and practical equations necessary for properly treating the
salvage value of vintaged capital stock in the terminal period. It provides background for the
briefer discussion of these topics in Chapter 5.

A2.1 Vehicle Stock Shadow Value and Final Value

Since the period of analysisin TAFV isfinite (years 1995-2010), care must be exercised to

properly treat the final period. In adynamic model some decisions have long-lasting effects. In
particular, investments in durable capital influence capital stocks, prices, and profits for many

subsequent years. The dynamic model seeks to characterize the competitive decisions by firms

and consumers in making capital investments, which will naturally depend on the expected

revenue to be gained from that capital in subsequent years. Asthe model analysis loops over

years and approaches the final year in the finite horizon, some fraction of newly purchased durable
capital will be expected to survive past the terminal time. The problem is to specify the “terminal
value” or “final value” of surviving capital in the terminal period, so that the resulting private
investment decisions are reasonable and follow a smooth path in the immedeteting years.

For vintaged capital stock such as vehicles, the terminal value problem is somewhat complicated
by the fact that each vehicle agdl have a different final value, depending on its remaining life

and utilization. The following sections describe the theory and method used to establish the final
value of vehicle stocks.

A2.1.1 Problem Statement and First Order Conditions

The value of any capital, vintaged or unvintaged, stems from the anticipated net present value of
its current and future usage. The net present usage value is the discounted value of the stream of
future benefits (or revenues, for a firm) minus the usage costs (e.g. fuel or other variable inputs).
In a competitive equilibrium, private agents will purchase additional capital until its net present
usage value equals its cost. This can be shown by looking at a compact version of the equations
of relevance from the TAFV model. Suppose consumers or firms derive the following costs and
benefits from the purchase and use of vehicles:

B(g) benefits from the use of vintaged capital in time

C variable costs of the use of capital (vehicles);

C up-front purchase costs of capital (vehicles);

Cs effective costs to consumers of vehicle mix due to non-price vehicle attributes.
The net benefits from capital are:

N(tK) = B(qy) - C(a,a.K) - C'(1) - CS(a)

The objective is to maximize the sum of discounted net value for all periods plus the terminal
value of capital stock
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;
Max Y N(tK)38, + Y Fr.(K.)8; (117)
t=0 a

with the constraints
st.
Variable Name:  Equation: L-mult Symbol:  Condition:
STKVEQ: Kiranr = K177 htarans t=0....T-1, a=0...A-1
NEWSTKEQ: Ko = I Mt vt
A K ﬂ
STKVTYPEEQ:  a, < Y. —= = f(K)  y, vt
a=1 K
|
NEWUSEEQ: ay - é = (1) e vt (118)
A
STKUTOTEQ: Y K, = K, vt
a=1
SDEQ: Op < @, + 3y bt vt
l,>0 M, vt
Aypdy > 0 Hup My v
STKPCTEQ: Koa 2 0Ky Mo a>0,t-0

The appropriate Lagrangian may be written as the sum of “static” Lagrangians for each period
plus the final value term, the stock dynamic constraint terms, and the initial stock constraint
terms:

T-1A-

T A
L = Z L) + Z Fra(K)dp + Z M rrant (Kzann ~Kia(1-7,)
t=0 a=0

t-0 a-0

[
[

jo¥]

A (119)
+ 2; Mcoa (Ko = 0,Kp)
a=

The single period “static” Lagrangians consist of the single period net benefit plus the static
constraint terms which apply in every period:



L) = NG, + Ayo(Kyg= 1)

A K
T C Y. )

a=1 Ky

* I @y K_t) (120)

0
+ Ay (dp —(a, +ay))
+ 1y

+8yHy T A

N = B,(dp) - C,(0pa,auK) - C,(1) - Cay (121)

First look at the derivatives of static (single period) Lagrangian These are the “static

optimality” conditions, which apply to current period supply, demand, and conversion activities
given current capital stock.

oL aLS(t) dC, ath
== = S Mg~ A+
al al, al, o TN al
ac
- It6 =~ Mo )”thi * Hy =0
8I Ky
oL dLJ) oC  ocC*
— = = ——— ") + Ay — Ag t =0
oa, da t( GaN) Nt Bt T Mt (122)
L dL() acC
Y - = 0 My~ At My =0
aaU <9aut aaU
dL (t
oL _ oy _ B s+, 0
ant ant ant

The static optimality conditions considered so far may be combined to show that in each time
period the shadow value of the new and used production function constiginen¢ 2, ) are
equal to the marginal benefit of outpytminus the marginal (variable) cost of process activity
(capital utilization)ay or a,. Thus A, and %, correspond to the discounted marginal value of
new and used capital utilization:
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dB, 3(C+C)H

+ Uy = -\
t ant aaNt Nt Nt 123)
B, aC, %
— + - _—
t ant aaUt Hut fUt

The equations also provide a condition for the efficient level on new capital investment. This
condition says that the marginal cost of investment should equal the marginal productivity of
investment times the marginal value of investment utilization, plus the shadow value of new
capital (since investment is also new capital):
aC i

It
Cts Ly TNy
al, t Nt al, Kt0
N (124)
_ My
Kt0
Ko

The derivatives of the static Lagrangians with respect to vintaged d§pitalve the same form
in each period, and vary with the age of ca@itallhese derivatives are not equal to zero because
of the dynamic constraint on capital stock evolution.

L  oC )
= 8, + Mo a=0, vt
GKtO aKtO
aL (1) ac, oy,
= =8 ~ My (125)
oK., oK., ‘oK.,
oC
S tat - foti a>0, vt
8Kta K,

In each period, the derivative of the static Lagrangian with respect to capital stock equals the
discounted marginal net use value per unit stock. This marginal use value is given by the marginal
net value per unit outputi,), times the marginal product of ageapital, 1k,., minus the

discounted marginal capital charg€(cK), if any.

Now deal with the optimality conditions fot/oK for interior (non-boundary) years and for new
or old capital
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aL oL4(t)

= Mer1 (3770) 0 O<t<T, a=0

Ky Ky
oL (t
oL = <) * (e ™ Menran(d-72) =0 0<t<T, O<a<A (126)
K., oK
oL (t
o _ L A -0 0<t<T, a=A
Ky K

Finally, the optimality conditions for dL/0K for special cases at boundary years and for new or old
capita

oL oF
oL _ {7 + 5p T =0 t=T, a=0
aKTO aKTO aKTO

oL oF
aL _ S(T) . 61- T i )\IKTa — O t:T’ O<aSA
aKTa aKTa aKTa
oL dL(0)

- - . (1- =0 t=0,a=0

Ky, Ky, SHC (127
aL dL(0)
aKOa i alzoa _ )\’Kla+1(1_’ya) ’ XKoa ) O t:O’ O<a<A

oL (O
oL _ O hcon =0 t=0, a=A
GKOA GKOA

A2.2.2 Vintaged Stock Shadow Valuein Terminal Year

Start with expressions for the shadow value of capital in the terminal period. For new vehicles at
timeT:

oL . %G ., s R (128)
d KTO d KTO e ! d KTO
Define F;,, the marginal final value of vintaged stock of age a,
oF;
= FT va (129)
aKTa :

Inthe TAFV model, the marginal final value is specified as a constant, i.e.™

A
FT(K) = 2; KiaFra
a=

¥In TAFV, Fr, = FUTUREVV(T ).
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For vehicles, the capital cost is borne at the time of purchase (investment), so the vehicle capital
stock does not appear in the cost function:

L= 0 vt
, a
; KTa (131)
Hence
)\’KTO 0 TI TO (132)

Now the shadow value of older vehiclesin the terminal period is
aF, aC, Mt

“Mera = Oy - -
Ky Ky K

A
=8F, - 2 a0
K

a

a

These conditions are borne out in the numerical results of TAFV.%°

A2.3 Theoretical Valuation of Used Capital Equipment - An Approach for
Scrappage Value

The previous review shows how a dynamic optimization model such asthe TAFV model
implicitly values capital of age a based on its discounted stream of annual use-values for its
remaining lifetime. This section derives an estimate of the equilibrium annual use value for
vintaged capital in terms of initial capital cost. Thisannual use value estimate, in turn, is used to
construct an estimate of the equilibrium salvage value of vintaged vehicle stock. The estimate of
equilibrium salvage value is used in the TAFV model for final valuation of the remaining vehicle
stock in the terminal time period. In the fully dynamic model, investments in each period are
based on knowledge of capital use-value in the current and all future periods. Our method of final
valuation promotes smooth and consistent vintaged-capital investment (vehicle purchase)
behavior in the dynamic model, even as the time approaches the terminal period. For the myopic
(recursive period-by-period) solution approach, investments in each period are based on current
use-value and an expectation of cumulative future value. Our method of vintaged stock valuation
is also useful in the myopic solution approach for constructing a myopic estimate of cumulative

25ee SUMMFINV.GMS for atest routing). In terms of the TAFV variable names:

NEWSTKEQM(T.0) _ Eiy1urewvv(T.0)
DISCFACT(T)
STKVEQM(T.8) _ £1uREWW(Ta) + STKVTYPEEQ.M(T) 250
DISCFACT(T) ’ STKPERFLOW-DISCFACT(T)
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future vehicle use-value in each period.
A2.3.1 Valuation of New Vehicles

Consider the decision to buy a new piece of capital equipment (e.g. a vehicle) which depreciates
over time and whose marginal productivity may decline over time. Define the following terms:

Co initial capital cost of new stock at timet.

1/x, productivity of capital of age a (services flow per unit stock)

o, survival rate for capital after a years (fraction surviving a years)

B/ marginal net benefit of capital services at titr{@et of variable costs)
J, t-period discount factor, equal t§){for a constant annual discount facéor
Thus the quantity of services provided by the surviving portion of a unit of capital which is
years old iss,/x,. Efficient behavior will lead to purchases of new (age 0) vehicles to the point
where the discounted stream of marginal use benefits for a new v&idd)(equals the new
vehicle cost. Thus for a steady-state or equilibrium outcome we expect:

o

0
Co = Vo = Y. "B/, Wt (134)
a=0

If the new vehicle cost is constant, and if consumers continue to purchase new vehicles, then this
relationship will hold for every time In a stationary model, we would expect marginal

undiscounted use-benefits to approach a constant value. In this case, marginal use benefits adjust
until:

B/ = S

o

G 1
26a=ﬂl ( 35)
a=0 Ka
The ratio of the one-period equilibrium marginal use beBefib initial cost may be interpreted
asthe "capita chargeratio,"” r,, that isthe percentage of capital cost that could/should be charged
to each unit of use in evaluating whether the investment is worthwhile:

B _1

“ G &,O 136
0 Z 6(l=(’~ ( )
a=0 K

o

r

A2.3.2 Valuation of Used Vehicles

Similarly, the shadow value of used capital of age a at timet should be the discounted value of its
remaining use:
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o

[9)
Via = Z 503 a‘aBt/m—a
a-=a K,
6(1 aa B /

t+a-a

-a
0 G, 0-a K,

Here o, , is the conditional survival rate/probability of surviving to age o given that the capital has
survived a years. By definition of conditional probability, ¢, ,= c,.,/c, Where c,., isthe joint
survival rate/probability of surviving to age a and then to age o for o> a, i.e. the probability of
surviving from age O to age a or ¢,,. Assuming marginal use-benefit is roughly constant over time,
we can omit the time subscript:

1 _ o G(l
Yy 82 va-0 (138)

a
6 Gaa:a Ka

vV, =B’
Substituting in the expression for “equilibrium” marginal use-beBéfitased on new vehicle cost
from Eq. 45, 136, we have an expression for the equilibrium value of used vintaged capital stock
in terms of its current age a, initial cost C,, future survival rates ¢, and future marginal
productivity 1/x:

1 iﬁ"&
B 6a('5aot:a Ka

V,=C—2>—° (139)
= G

¥l

a=0 Ka

1 iﬁ"&
Va Va 6a('5aot:a Ka
e - (140)

o

0 G Z 6“&

a=0 Ka

Note that survival rate ¢, and marginal productivity 1/x, (inverse stock-per-flow) appear together
and could be combined into a single age-related factor. For vehicles, this means that vehicle
scrappage rates and declining use-rates with age are interchangeable, at least in terms of vehicle
valuation.#

21We can identify six factors which affect the value of vintaged capital stock asit ages:
1. discounting, or the opportunity cost of funds (captured by 5%);
2. scrappage, or the declining fraction of capital surviving (captured by c,);
3. declining marginal productivity or use (e.g. miles per vehicle) with age
(captured by the marginal productivity factor 1/x, = ¢fic;
4. the declining value of a unit of product/use with the capital’s age, e.g. the declining quality of a mile of vehicle services
as the vehicle ages;
5. the increasing operating and maintenance costs of capital/vehicles with age;
6. technological obsolescence with the passage of time t and age a, which reduces the value of used capital.
As defined above, the valuation model explicitly accounts for factors 1-3. As a simple approach, factors 4-6 could aso be embedded in the
declining productivity/use factor ¢,, provided care is exercised to avoid confusing physical units (such as vehicles in the stock and miles
traveled) with the units of "value" provided.
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A2.2.3 Vintaged Stock Shadow Valuein Non-Terminal Years

Starting with the first order conditions from Eq. 127 for non-boundary years and substituting the
expressions for dLJ/dK from Eq.126.

Mo ™ )‘Kt+1,1(1_70)

)”fUt
L (R WU ( T ) 0 0<t<T, O<a<A
Ka Kta Kt+la+l a: (141)

A
fUt
- * Aa

Ka

0 O<t<T, a=0

0 O<t<T, a=A

Rearranging, we get recursive forms for the shadow value of capital in any period in terms of that

period’s “use value” (the shadow value of the vehicle services production function constraint for
used-vehicles), and next periods shadow value of capital. All of these multipliers represent
discounted values. For the given problem statement, the shadow value of capital is given by the
negative of the Lagrange multipliers (this is the sensitivity theorem, e.g. Luenberger 1973:236).
The GAMS solver reports the shadow values for every constraint, that is it reports the marginal
change in the objective function for a unit change in each constraint right-hand-side (@raloke
1992:253). Thus the GAMS solver reports the negative of the Lagrange multipliers used in these
equations below.

_)”Kto = _)”Kt+1,1(1_70) 0<t<T, a=0
_)”Kta = _)\’fUt B )\’Kt+1a+1(1_,Ya)) O<t<T, O<a<A
“a (142)
Y _ _)\’fUt 0<t<T. a=A
KA ., a=
Ka

Note that the shadow value of new vehicleg,,-depends only on next year’s shadow value of
one-year old vehicles. This is because the use of new vehicles is attributed to inviegtnagnt
119 rather than new capit&)..

The shadow value of capital can be written in closed (summation) form, rather than recursive
form:

A _7\1 o

o =3[Py, ) O<t<T A, aso
o= 4 O©=
Y Y o a

D = —2 —Ut@a) 1 (1—761)] 0<t<T-(A-a), 0<a<A  (143)
Ky a=a+l K, o=arl

A . 0<t<T, a=A

KtA - , =

Ka
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Another way to write these equationsis in terms of the survival rates ,, where , is the fraction
of stock surviving to age a (i.e., not being scrapped in any period prior to a):

a-1 a
I1(1- = JI(1- a>0

= (FO( Yy (Fl( Yoo1) (144)
1 a=0

The conditional survival rate for surviving to age o given that the capital has survived to age a has
the simple form:

G
. I-vny) = — (145)
m=a+1 G
Using these survival rates, the equations are simpler, as is the treatment of specia cases for age a:
A (=)
e = Y| — s 0<t<T-A, a=0
a=1 Ka

(146)
=y

Kta
a=a

A
Z( MU (a-a) ] 0<t<T-(A-a), O<a<A
Ga

(l

The equation for the shadow value of age zero capital differs from that for older vintages because,
as indicated above, the use value of new capital is attributed to investment shadow price
multiplier. This essentialy arbitrary assignment was convenient, and it does not change the
solution since investment equals new capital.

These equations apply so long as we don'’t encounter the terminal time point T before the vehicle

is scrapped, i.e., so long as the time is less Ahaperiods from the end of the time horizon.
Otherwise, future marginal use values are replaced by the exogenous marginal scrappage or final
valueF,.

Tt
Mo T 2; ( T a] + 8F 4Oy T-(A-a)<t<T, a=0
- (147)
N~ _)”fU(H(a*a)) O T S(a+T-1)
_)”Kta = - + 6 FT(aJrT,t)i T_(A_a) <t< T, O< a<A
a=a K, O, o,

The marginal productivity of capital,«d/ corresponds to the number of miles of vehicle services
provided by a vehicle of age This allows us to account for declining vehicle use with age.
Even more generally, marginal productivity could also change with time, apddlild be
replaced by the marginal productivity of ageapitala-a years in the future:

1/ Kt+(x—a,(x = an(t+a—a)/ d K(t+a—a)a'

1h, =df/dl.
In terms of vehicle stock, this would correspond to an exogenous trend in the number of miles
driven by vehicles of each age. This refinement was not deemed necessary for the TAFV model.
The final scrappage value could be given one more period of discounting and the stock aged by
one more year, to account for year-end scrappage after terminal year use. As an alternative
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approach, the extra discounting and aging are built into the final valuation function F,.

A2.4 Used Vehicle Valuation for Particular Scrappage Profiles
A2.4.1 Infinite-lived, Constant Depreciation Rate Case

Consider first the case of infinite-lived, but geometrically depreciating capital, with constant
depreciation rate y, and constant marginal productivity of surviving capital (x,=«). Inthiscase,
the surviva probability is Poission, i.e. ¢, = ¢ and 6, , =" The value of capital of agea
simplifies:

= o a-1
COR DELTINNNED DECT DD TN I et
a=a a=0

V@) = C _ 0 «=0 _ o 1-0c¢ 1-d¢
0
N (66)? = op (66)2 1

Z 3% Z 3% 1 56

a=0 a=0 (148)
1

=> V(a) = C, where 6=——, o=1-y

1+r

Thus the value of used infinite-lived, geometrically depreciating capital, conditional on the fact
that it has survived, is equal to the value of new capital. In this case the capital is essentialy
unvintaged. This simple result depends on the assumption of constant productivity/usefulness
with age.

A2.4.2 Finite-lifetime, Zero Depreciation Until Final Age Case
Now suppose that the capital has afinite lifetime A with no depreciation prior to age A, (c,=1 for

a<A) and that marginal capital productivity of surviving capital is constant, i.e. stock-per-flow «,
IS constant with age.

7aA S A A a-1
I D 0 0
Va — CO o — Coéfa(l:a — Coéfa(lio a=0
A G A A
Y 52 >, & >, &
a=0 Ka a=0 a=0
(149)
1-6A7 1-8°
_ _ a_sA+l
_cpa 10 1% gadtd
1_6A+1 1_6A+1

1-6
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For the somewhat more general combined case of finite lifetime A, but geometrically depreciating
capital, the above equation reduces to the following expression.

1 - (60)A+17a

V(a) - CO 1 _ (60)A+1

A2.4.3 Propertiesof thisResult for Finite Lifetime No Depreciation Case

First note that this approximation assumes vehicle cost and marginal use benefit is constant, and
thus is a steady-state equilibrium approximation. The value calculated by this result for avehicle

1_6A+17a
Vo= G o (150)

in its last year is equal to the presumed equilibrium value of one-year’s use-benefits:

1-6c
vV, =C————
A 01_(60)A+1
G B
= — = ?
Z (60)*
a=0

One disturbing result is that, declines witha, but at an increasing rate. For example, the value
of a vehicle with one year left in its lifev/() exceeds the difference in value between a new and a
one-year old vehicle:
Vy> (Vo - V).
In fact, we can show that for constant marginal productivity of capitg) {i¢ difference in
values for two vehicles of ageanda+1 is just one-year’s equilibrium use-ben8fitk =V,
discounted and depreciated by A-a periods:
V, - V,,; = (66)*? V,.
The smallest difference is thus between the values of a brand new vehicle and a vehicle of age 1:
V, -V, = (86)* V,.
Thisis the opposite of the pattern of value-depreciation which we observe empirically (where the
lossin value is fastest in the early years). The discrepancy occurs probably because the marginal
productivity of capital is not constant with age.

In the more general case of age-dependent marginal productivity «,, the change in value for one
year of aging is:

C A ¢ A G
VRVAEI B S DL R T 8
A ¢} SaG a=a K 6(a+1)('5 a=a+l K 153
Z 6a=0l a a a+l a
a=0 K
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Using our estimated steady-state equilibrium relationship between marginal use benefit B’ and
initial capital cost ¢ we can construct an expression for the loss in value of vintaged capital stock
with age:

5K, (154)

1 & (50 1 & (bo)"
A (66)%0=a K, (66)@ Ve X,

This more general form yields the same result as above geometric discounting and scrappage case
for constani with age.

(155)

A
-V, = —24 So)* - —— 5
Va Va+1 (60)3 g( G) G)a;]_( G)
156
[Z (60)* - Z (60)“] (156)
(60) a=a
— A(6G)A a

Otherwise, for capital productivity/use varying with age, the result is not easily simplified.

A2.4.2 Valuation of Used Vintaged Capital Based on Theoretical Equilibrium Use-Value,
General Case

We return to consideration of the general case of vintage capital with an arbitrary scrappage rate,
use rate, and lifetime. Defipe to be the effective remaining productivity of capitaknditional
on it having survived to age

1 <« 0%,

a
6 Gaa:a Ka

Pa = (157)
For any scrappage profie, and productivity/use profile &/, these coefficients can be calculated
for an arbitrary number of ages. Then the effective remaining fraction of original use value is
p(a)/p(0), and from Equation 46, 140:

Vi _ C p(a)
(@ = 50)

We base the final value functién, per unit capital of age on this salvage value estimate
recognizing that since salvage occurs atetiteof the terminal period, the capital must survive to
be one period older and the salvage value must be discounted by one more period.
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The undiscounted salvage value per unit of capital at age a remaining at (the start of) terminal
timeT:

Ga+1

F Ta ~ 8Va+1

Ga

6CO pa+1 Ga+1

pO Ga

Given the revised model formulation for vintaged stock in terms of historical investments alone,
we are also interested in the NPV of salvage value per unit of new investment at timet < T (for
FINALVAL equationinV61+). Since investment intimet (1,) yields capital of age (T-t) at
terminal time:

K I

TT-t =~ O1-tt

The most recent version of the TAFV model tracks investment in all periods, avoiding the explicit
tracking of vintaged capital stocks (see Appendix 3). We can evaluate the final valuation of
period-t investment (1,) in terms of the above equation for the final valuation of surviving capital
and the survival probability fromtimet to T:

oF; _ oF; oKir,  dF; .
A MKyp, oy Ky,
- 6VTt+1[ﬂ}Tt

Ot
= 8V1 (1671 11
= Frr.07

From these results we can see that the discounted unit salvage value of capital of age a at timet
should exceed the unit salvage value of new investment at time t-a, since survival to age a is not
assured:

dF; o, oF;

K, S, al,_,

Ga+T7t+1 Ga

= 8V

a+T-t+1

= 8V,

a GO

~(t-a)+1OT-(t-a)+1

Similarly, the prospective discounted unit salvage value of capital of age a at time t isless than the
unit salvage value of capital of age a+(T-t) at time T:
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a+T-t+1 “a+T-t

a+T-t Ga

c
= 8V

a+T-t+1

a+T-t+1
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A2.5 Steady-State Method of Dealing with Boundary Condition in Ramsey
M odel

This appendix has examined methods for setting a terminal “salvage” value for capital stock, in
order to promote rational model investment behavior in the periods leading up to the terminal

one. Alternatively, the terminal time problem can be handled by modifying the terminal period
benefits and constraints to reflect steady-state conditions which are assumed to persist indefinitely
after the terminal period. We review the approach used by Manne [1986] in his GAMS
implementation of the Ramsey model (Ramsey, 1928).

The Ramsey (1928) model is a classical exploration of the tradeoff between consumption and
capital investment over time. It maximizes the net present value of consumption utility, allocating
outputY between investmemtand consumptio in each period:
Y=aK,”
Y, = G+l
Kiq = Ketly
oK, < I

The single-period utility is logarithmic in consumptiGn The multiperiod utility is the discounted
sum of single period utilities.

;
U= Z;B(t)ln(Ct)

&' O<t<T
BO =1 8" ¢
(1-9)
This finite-horizon dynamic model uses two mechanisms to promote reasonable behavior in the
terminal time period’:
1. It requires a minimum level of investment in the terminal pefipd ¢K;).
2. It weights final period net consumption benefits more heavily.

The first mechanism requires that terminal period investment be sufficient to account for growth
in the labor supplyg. The growth of labor supply is also reflected in the scale coefficient for the
production function, which is benchmarked as follows:

C,+l,

Yo

a, = a(1+g)" ™
The new investment in terminal peridds required to be sufficient to accommodate expected
population (labor supply) growt In this model, there is no capital depreciation. For our

model, last period investment should be sufficient to account for both growing demand and capital
depreciation

a =
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The second mechanism simply weights the final period benefits more heavily, corresponding to the
presumption that those benefits will be maintained as a steady state outcome. The multiplicative
weight 1/(1-8) applied to the terminal period discount factor corresponds to the net present value
of an perpetuity discounted with the discount factor §. The combined discount factor §7/(1-8) is
then the NPV at time t=0 of a perpetuity beginning at time T:

$1oyg. 1ot
o (1+r)' o 1-5 r

Note that this approach weights the terminal period “intermediate value” benefits function (i.e.,

the terminal period capital stocke benefits) rather than assigning value to the capital terminal

stock. There is no terminal stock valuation function. This approach provides an alternative to the

calculation and use of terminal stock salvage values. Except for the constraint on terminal period

investment, it is conceptually similar to using terminal stock value equations such as those we

present above. Rather than calculating the NPV of the remaining marginal product stream for

each vintage of capital, it assumes that the terminal period marginal belhp#trsist, along with

the capital. To apply this method to the TAFV model, two adjustments may be required. The

scrappage rate for capital must be recognized when calculating the final-period discount rate. It

also must be recognized that some of the net benefits in the terminal period are not attributable to

the capital stock, and thus perhaps should not be included in the steady-state perpetuity

calculation. If the fraction of capital is scrapped each year, then the annual survival ratelis

y. This is combined with the discount factoto produce the terminal period steady-state

discount factof(T):

(30)"

B(T) = (1-50)

The current version of TAFV model does not use this steady-state approach to correcting for the
finite time horizon, but it may prove a useful alternative.
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APPENDI X 3: REDUCING THE NUMBER OF MODEL
EQUATIONS

We observed that many of the variablesin earlier versions of the model (as of TAFV-V56) were
due to the vintaging of vehicle stock. Although the equations for vintaged vehicle stock are
indeed simple, they do add substantially to the model size, making the solution of the full model
problematic even with machines which have 64 megabytes of memory. Apparently, in GAMS
even smple variables can, by increasing the problem matrix dimension, require over 4K of
memory each.

We reduced the number of equations and variables in the model by a simple problem restatement.

The problem is mathematically unchanged, and no more easy to solve in terms of complexity, but
now requires substantially less memory.

A3.1 Explicit Tracking of Vintages by Variables

Consider first the use of model constraints related to the tracking and use of new and used
vintaged vehicle stock (omitting non-negativity constraints):*

Variable Name:  Equation: L-mult Symbol:  Condition:
STKVEQ: Kig anr = Ka(1-72) Mctataen t=0....T-1, a=0....A-1
NEWSTKEQ: Ko = I, Mo vt
ALK ,
STKVTYPEEQ:  a, < Y —= = f,(K) iy, vt
a=1 K,
|
NEWUSEEQ: ay = — = fy(ly M vt
Ko
STKPCTEQ: Ko 2 0K, Meta a>0, t-0

For each vehicle type, this representation has the following number of equations:

Equation Number
STKVEQ (T-1)(A-1)
NEWSTKEQ,STKVTYPEQ,NEWUSEEQ 3T
STKPCTEO A-1
Total 2T+ AT
For each vehicle type, this representation has the following number of variables:
Variable Number
K., TA
Iy Ay, 8y 3T
Total 3T+ AT

2This method was used in TAFV versions (TAFV-V52-TAFV-V56).
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For 30 years and 10 vintages (ages), thisimplies 360 equations and 390 variables per vehicle.
Since vehicles routinely last longer than 10 years, longer vintaging, and proportionally more
variables, will be required if the vintaged capital stock is explicitly tracked. For 30 years and
30 vintages, this approach implies 960 equations and 990 variables per vehicle.

Note that the vintaged vehicle stocks K., are not used for much, they are just used to track stock
aging and retirement, and all used stock is summed up in the used-vehicle usage constraint,
STKVTYPEEQ. This suggests an opportunity for simplification.

A3.2 Alternative M ethodology

Now consider an alternative approach, where we do not track the vintaged vehicle stock
explicitly, but rather track new vehicle investment in each year, 1,. At any later time, it is easy to
calculate the implied number of surviving vehicles, which is the same as the vintaged vehicle
stock. Thisis possible because vehicle scrappage rates are exogenous.

Rather than deal in single-period age-based scrappage rates v, it is more convenient to use
cumulative survival rates for age a, ¢,. Prior to solution, we calculate the survival rate parameter
o, Which denotes the probability of surviving to age a, i.e., the fraction not scrapped prior to age
a

a-1
H(1l-y,) a1

a a=0
1 a=0

We need pre-calculated survival rates for ages up to T+A (where T isthe length of the time
horizon and A isthe oldest historical vehicle age of interest at time t=0). If vehicles are finite-
lived with lifetime A, set 6, =0 for a > A.

To treat al new vehicle investments identically, we added A historical periodsto the current T
projected time periods. Thus, we now assume that timet runsfrom-A<t<T, rather than0<t <
T. However, all events prior to t=0 are predetermined, so no new equations are added. Fixed
values for the investment variable (vehicle purchases) are added for A historical periods. We can
reconstruct the historical path of new vehicle purchases given the exogenous starting stock by age
and the survival rates. For all periods prior to the first forecast year in t=0:

KOa 0LaKO

0-a
Ca Ca

a=1.A

Given the survival rates and a complete path of historical and projected vehicle investments, we
can calculate (and substitute for) vintaged vehicle stock “on the fly”, rather than track it explicitly:
K.=1_oc

ta t-a~a

Thus we raise the vehicle stock utilization constre#iK{/TYPEEQ):
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l. o |l o

2 1.0, « t-
autﬁz = Z —

a=1 Ky =0-A K,

In the right-most expression we see why constructing survival rates for very large vehicle ages
might be handy. An even simpler form is possible if we precalculate what we call the “meta-
survival” coefficientsp,,, which are the effective fractions of used vehicles bought inttivigich
are available for use at tinhe They account for both scrappage and declining use or productivity
with age. “Meta-survival” coefficientg, may be defined for al| t, but are zero for<rt
(vehicles which are purchased this year or in future years cannot contribute to current used
vehicle stock):
GHE for 1<t

(Ptr = thr

0 for t>t

L Lo,
ay < ) —

1=-A KO

With this preparation, the new model equations related to vehicle purchases and the use of new
and used (implicitly) vintaged vehicle stock are:

Variable Name: Equation: L-mult Symbol:  Condition:
olo,., 5
STKVTYPEEQ: a,, < = fu(K) A, vt=0
T=-A KI—I
. Ir(ptt _ Va
or: ay, < Y = fuK) V20
T=-A KO
|
NEWUSEEQ: ay - — = f(l) et vt=0
Ko

For each vehicle type, this representation has the following number of equations:

Equation Number
STKVTYPEQ,NEWUSEEQ 2T
Total 2T

For each vehicle type, this representation has the following number of variables:
Variable Number
NETE. (T+A) + 2T
Total 3T+A (of which, A exogenous)

For a 30 year time projection and 10+ vintages (ages), this implies 60 equations and 90
endogenous variables per vehicle, fda4.0 fixed historical investment variables. For 30 year

time horizon and 30 vintages this approach still requires only 60 equations and 90 endogenous
variables per vehicle.

This restatement was adopted for the current version of the TAFV model. It dramatically reduced
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the number of variables and eliminated the usual dynamic state equation (STKVEQ). All of the
dynamics of vehicle stock are embedded in the used-vehicle usage constraint (STKTY PEEQ).
Thisis now a somewhat more complicated equation, because is says that investment in any period
could be relevant to the current use constraint. However, the meta-survival coefficients o,, limit
which year’s investments matter, and the solution of the revised problem is identical to the
original one®

The version of the vintaged stock utilization constraint (STKVTYPEEQ) in the new approach
that relies on the “meta-survival’ coefficienisis easier to implement, since it involves a sum
over allt in the GAMS equation. This is less tricky than a sum over seleotethe right-hand-
side of a GAMS equation.

An important feature of this new approach is that we can allow an arbitrarily long vehicle life (e.g.
unlimited statistical life) witmo additional endogenous variables in the equation. Also, it remains
compatible with declining usage with age (indicated by the subscriptitg of

B)n fact, if GAMS was very clever, it might have already made many of these substitutions, and this change would
have no effect. Thisis apparently not the case, however, since the proliferation of variables due to vintaging seems
to affect the reported modd size and its ability to solve within available memory.
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